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A CASCADE DECOMPOSITION THEORY
WITH APPLICATIONS TO MARKOV
AND EXCHANGEABLE CASCADES

EDWARD C. WAYMIRE AND STANLEY C. WILLIAMS

ABSTRACT. A multiplicative random cascade refers to a positive T-martingale
in the sense of Kahane on the ultrametric space T'= {0,1,...,b — I}N. A new
approach to the study of multiplicative cascades is introduced. The methods
apply broadly to the problems of: (i) non-degeneracy criterion, (ii) dimension
spectra of carrying sets, and (iii) divergence of moments criterion. Specific
applications are given to cascades generated by Markov and exchangeable pro-
cesses, as well as to homogeneous independent cascades.

1. POSITIVE T-MARTINGALES

Positive T-martingales were introduced by Jean-Pierre Kahane as the general
framework for independent multiplicative cascades and random coverings. Al-
though originating in statistical theories of turbulence, the general framework also
includes certain spin-glass and random polymer models as well as various other spa-
tial distributions of interest in both probability theory and the physical sciences.

For basic definitions, let 7" be a compact metric space with Borel sigmafield
B, and let (2, F, P) be a probability space together with an increasing sequence
Fn,n = 1,2,..., of sub-sigmafields of F. A positive T-martingale is a sequence
{Qn} of B x F—measurable non-negative functions on T' x Q such that (i) For
each t € T,{Qn(t,") : n = 0,1,...} is a martingale adapted to F,,,n = 0,1,...;
(ii) For P-as. w € Q,{Qn(,w) : m=0,1,...} is a sequence of Borel measurable
non-negative real-valued functions on T.

Let M (T) denote the space of positive Borel measures on T and suppose that
{Qn(t)} is a positive T-martingale. For o € M (T) such that ¢(t) := EQ,(t) €
LY(0), let 0, = Q.o denote the random measure defined by Q,0 << o and
d(ggg(t) := Qn(t),t € T. Then, essentially by the martingale convergence theorem,
one obtains a random Borel measure 0o = Qo0 such that for f € C(T),

(1.1) lim f(t)Qn(t,w)a(dt):/f(t)Qooa(dt,w) a.s.
T T
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In general the random measure Q..o will not be absolutely continuous with
respect to o; i.e. there is no corresponding “Q(t)”. However, some further insight
into the structure of Q.0 is furnished by the basic decomposition Theorem 1.1 of
Kahane [K4], quoted below. By this decomposition Kahane also extended (1.1) to
all bounded Borel functions f. This extension of (1.1) as well as the decomposition
theorem itself lie at the heart of several results of the theory to be developed in
this paper, so it is convenient to record a statement of it here.

Theorem 1.1 (T-Martingale Decomposition). Let {Qy} be a positive T-martingale.
Then corresponding to o € M (T) such that ¢ € L'(c), there is a unique decompo-
sition of {Qn} as a sum of two positive T-martingales {Q",}, {Q"}, such that for
eacht €T

Qn(t) = @n(t) + Qy (1)

with

(i) EQLo(B)=qo(B), BEB,
where ¢ := EQ",, and

(i) QYo =0 a.s.

Whenever EQo.0(B) = qo(B), B € B, where q := EQ,, then one says that {Q,}
(or Qo) lives on 0. On the other hand, if Qo = 0 a.s. then {Q,} (or Q) is
said to die on 0. Thus Theorem 1.1 is a unique decomposition into two positive
T-martingales, one of which lives and the other dies on . We will refer to {Q/,}
and {Q"} as the strong and weak terms of the decomposition, respectively.

As noted in [WW2, Proposition 1.1], by introducing a notion of martingale
ratio sequences the positive T-martingales may be represented multiplicatively,
ie. Qn(t) = Po(t) x Pi(t) x -+ x P,(t) and E[Pg41(t)|Fr] = 1. Positive T-
martingales on the metric space T = {0,1,...,b — 1}, equipped with the ul-
trametric p(s,t) = b~ HnsnEin} g — (51 55,...),t = (t1,ta,...) € T, are re-
ferred to as multiplicative cascades. In this case, the martingale ratio factors
P,(t),t = (t1,...),n > 1, are non-negative mean one random constants W, .,
say, on rectangles A(eg, ..., €,) :={t € T : t; = ¢;,1 < n}. The denumerable family
{We, e, s € €{0,...,b—1}} comprises the generator of the cascade. The funda-
mental theorem of Kahane and Peyriere [KP] concerns the structure of homogeneous
independent cascades, defined by i.i.d. generators, for 0 = A the Haar measure on
T. In particular, in this case [KP| provides necessary and sufficient conditions on
the distribution of the generators for: (i) Degeneracy/non-degeneracy, (ii) Haus-
dorff carrying dimension of the support, and (iii) Divergence of Moments of Aoo(T).
The nondegeneracy problem (i) refers to the conditions for the existence of a non-
zero limit measure, i.e. survival. It should be noted that conditions for degeneracy
are of interest as well, e.g. in certain covering problems (see [SH], [K4]), and in
certain low temperature spin-glass problems ([DER],[DERSP], [CK], [WW3]). The
divergence of moments problem (iii) refers to a determination of finiteness of mo-
ments of the total mass distribution of a nondegenerate cascade measure. Finally,
for fairly obvious reasons the cascade measures are generally carried by thin sets. It
is of interest to determine the size of supporting sets, i.e. problem (ii). There are a
variety of fine scale structure computations studied in the literature. For example,
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a commonly studied problem is the computation of the so-called singularity spectra;
see [FALC], [HW], etc. However a nontrivial singularity spectrum does not preclude
measures having a unidimensional carrying set, e.g. nondegenerate homogeneous
independent cascades as in Theorem 4.1(ii) below. In the framework of the present
paper one obtains a more general “multifractal”structure which is best described in
terms of the dimension spectral theory given in [CU], [KK]. In particular, one may
first compute the dimension spectrum and then compute the singularity spectra of
the spectral modes.

The purpose of the present paper is to develop methods for problems (i)—(iii) in
a generality which to the extent possible does not depend on specific dependence
structure, i.e. not beyond general martingale (ratio) structure. While the [KP]
approach certainly exploits martingale structure of the total mass Ao (T') in solving
these problems, it also makes clever use of the independence and recursive equa-
tions in key places. It is interesting to note that these random recursive equations
have also been studied in the context of certain interacting particle systems in [HL],
[DL],[GUI]. The applications to the corresponding recursive equations implicit in
our analysis of dependence may also be of interest in these and other contexts. The
essential ingredients of our general approach are provided in the next section 2,
with proofs deferred to section 3. Applications to independent cascades, Markov
cascades, and exchangeable cascades are then given in sections 4,5, and 6 respec-
tively. Here are two simple concrete examples of dependence whose solutions were
not possible by previous methods.

Example 1.1 (Markov Cascades). Suppose that the generator sequences Wy, Wy, ,
Wiites «-s t = (t1,t2,...) € T, are identically distributed Markov chains on state
space [0,00) having mean one transitions and such that for s,t € T the pair of
Markov chains Wy, Ws,, Ws,s,,... and Wy, Wi, , Wy, ... are conditionally inde-
pendent given the sigmafield generated by {We,. ., : € € {0,...,b —1},i < n},
where n = inf{k : sy # tr}. One might conjecture that if the Markov chain is
irreducible and positive recurrent with invariant probability 7, then the solution
to problems (i)—(iii) should coincide with those for the homogeneous independent
cascade with generators distributed as w. We will see that this fails to be true in
general, though it is true under a time-reversibility condition on the Markov chain;
in the finite state space case this may also be obtained from the recursive equations
for Ao (T') noted above; see [WW1]. In addition, while homogeneous independent
cascades always die at criticality we will see that this need not be the case for
Markov cascades. To anticipate the spectral disintegration for Markov cascades
think about a reducible Markov chain whose recurrent classes as well as transient
classes are homogeneous independent cascades which may or may not survive. For
example, a f—model is a transient Markov chain which may or may not survive.
Once survival classes (criteria) are known then one is naturally led to consider the
hitting probabilities (harmonic measure) for these classes.

Example 1.2 (Polya Type Exchangeable Cascades). Take b = 2 and fix a € [0,1).
The conceptualization of the cascade to be defined here is as follows. Imagine an
urn initially containing a “l1-ball”’and a “flip-ball”. Select a ball at random. If the
selected ball is a 1-ball, then Wy = 1. If the selected ball is a flip-ball, then flip a
fair coin, labeled on one side by a and the other by 2 — a, and record Wy as a or
2 — a according to the outcome of the toss. Define a new urn state by returning
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the ball selected together with another of the same type (1-ball or flip-ball). This
experiment is now repeated for this urn state to get two independent values for
Wy, W1, and so on down the tree. For this example we will see that the cascade
survives on A and the dimension spectrum is absolutely continuous with respect to
A. The explicit form of the spectral modes are also furnished by the general theory.

The general approach to these problems and more detailed organization of the
sections of the paper are as follows. Although the homogeneous independent case
is a special case of the general multiplicative theory, it is illuminating to see how
the methods of section 2 apply. So a new proof of the Kahane-Peyriére theorem
announced in [WW4] is provided in section 4 which makes the essential aspects of
the general theory transparent. Specifically, one sees that this approach does not
require independence beyond an ergodic theorem (law of large numbers) for the
non-degeneracy problem away from the critical parameter. At the critical parame-
ter independence surfaces in the form of a Chung-Fuchs criterion for null-recurrence.
The carrying dimension problem is then solved by a percolation method based on
a composition theorem from [WW2] and using the non-degeneracy criterion. The
moment problem is solved by bootstrapping off a natural supermartingale bound
obtained under the size-bias transform described in section 2. Apart from this,
the main new results in section 4 concern other applications of the composition
theorem. In particular, a notion of a measure-valued continuous parameter Markov
process is introduced based on infinitely divisible generators and the composition
theorem which, in the spirit of superprocess theory, we refer to as a supercascade
(e.g. cf. [DP],[DYN] and references therein). These are used to construct examples
of random measures having prescribed dimension spectral disintegrations in Theo-
rem 4.4. The percolation theorem may be used quite generally to obtain dimension
spectra. As a result of Proposition 4.2 one sees that this method provides carrying
dimension for a wider class than obtained under the EAs (T') logy Ao (T') < 00 hy-
pothesis of Theorem 4.1. It should be remarked that, while omitting the details, it
was already realized by Kahane in [K1] that the relaxation of this condition would
follow from such an approach.

Markov cascades are of interest for a variety of reasons. The tree approxima-
tions to spin-glass and random polymer models are based on a judicious relaxation
of correlations; see [DERSP],[DER],[KOU], [WW3]. Also estimates on data sets
associated with the spatial distribution of rainfall are improved by correlations of
the form considered here, e.g. [OG], [GW]. So it is of general interest to study the
effect of correlations of various types. As noted in Example 1.1 above, interesting
new phenomena occur under simple Markov dependence. In section 5, the problems
(i) and (ii) are solved for the ¢—recurrent generators on general non-negative state
spaces in Theorem 5.2 and Corollary 5.1. Countable state, ergodic, mean-reversible
generators are shown to die at criticality. However, under null-recurrence, exam-
ples are provided to show that at criticality the cascade may live or die; i.e. one
may have measures carried by zero-dimensional sets. We use the percolation the-
ory to give the spectral dimension decomposition of (reducible) finite state Markov
generators in Theorem 5.7. The general divergence of moments problems is more
difficult. The role of a good large deviation rate is explored for the moment problem
in Theorem 5.5.

For exchangeable cascades one does not generally have available ergodicity, large
deviation rates, etc. In this sense exchangeable cascades provide yet a different
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dependence structure on which to test the theory developed in section 2. The
degeneracy problem and spectral dimension decomposition problems are solved in
Theorems 6.5, Corollary 6.1, and Theorems 6.6, 6.7. Application of the general
theory is given to the Polya type urn scheme described in Example 1.2. Finally the
divergence of moments problem is treated in Theorem 6.7 and Corollary 6.2.

2. DEFINITIONS AND STATEMENTS OF MAIN RESULTS

Let b > 2 be a natural number, referred to as branching number, and let
T = {0,1,...,b — 1}N be the metric space for the ultrametric p(s,t) = b~
where a(s,t) = inf{n : s, # tn},s = (s1,82,...),t = (t1,t2,...) € T. Let us
first record some frequently used notation. For ¢t € T,n > 1,5 € {0,1,...,b— 1}
write t|0 = 0,tn = (t1,t2,...,tn), n > 1. For v = (t1,...,tn),|7] :== n and
y*j:= (t1,...,tn,J). Also denote the nth generation partition by A, (t) = Ay, :=
S g tib™ 3 g tib™ +b7™) C [0,1). Throughout we reserve A to denote the
normalized Haar measure on T.

To define the general multiplicative cascade let g, (B|xo,...,2n-1), B € B[0,00),
x; > 0,n > 1, be a family of functions such that for each B € B|0, 00),

(2.1a) (oy .-y Tn—1) = qu(B|xg,...,2n_1) is B"[0,00) — measurable.
For (zg,...,2n—1) € [0,00)",
(2.1b) B — ¢u(B|xo,...,2n—1) is a probability measure on B[0, 00).
For (zg,...,2n-1) € (0,00)™,
(2.1¢) / xqn (dx|zo, ..., xp_1) = 1.

[0,00)

Definition 2.1. A tree distribution corresponding to a family of probability kernels
qn, satisfying (2.1,a—c) is a family of probability measures p,,n > 0, on the product
sigmafields BT ([0, 00),n > 0, respectively, where

T*(0) = {0}, T*(n)= O{O,l,...,bf 1}, T =T%(0),
k=0

defined inductively by

(i) po is a probability measure on B0, 00), / xpo(der) =1,
[0,00)

pn( H B’Y)

YET*(n)
(i) = / H Qn(B’Y|$®a Ly|1--- az'y\n—l)pnfl( H dxn)a
HT/GT*("*I) By |v|=n neT*(n—1)
for B, € B[0,0),v € T*(n).

The following theorem is a simple consequence of the above definitions and the
Kolmogorov consistency theorem.
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Theorem 2.1. Let Q := [0,00)" | F := BT[0,00). Then there is a unique proba-
bility measure P on (Q, F) such that

P( H Bvx[ouoo)T*_T*(n)):pn( H By).

YET*(n) YET*(n)

The canonical cascade generators for this model, i.e. the coordinate projection
maps Wy (w) := wy,w € Q,v € T*, are then (jointly) distributed according to the
probability measure P on [0, 00)7".

The model constructed in Theorem 2.1 will be referred to as the cascade generator
corresponding to a given tree distribution. One may check that for any ¢t € T =
{0,1,...,b— 1}, the sequence of random variables X := Wy, X1 := Wi, X2 ==
Wya,-- Xn := Wyp,... has a distribution which does not depend on t. This
sequence of random variables (or its distribution) will be referred to as the generator
process.

Given a tree distribution we define the general multiplicative cascade by the
positive T-martingale given by

(2.2) Po(t) := Wy,
(2.3) Qu(t) :== Py(t)Pi(t) x --- x Py(t), teT,
(2.4) Fp =BT ™[0, 00).

Our approach to the study of cascades in this generality is based on three ele-
ments; namely (i) a weight system perturbation, (i) a size-biased transform proba-
bility, and (iii) a general percolation method.

Definition 2.2. A weight system is a family F of real-valued functions F, : Q —
[0,00), where for each v € T*, F, is o{W,; : j < ||} measurable, such that
QFn(t) := Qn(t)Fyy, is a positive T-martingale, referred to as a weighted cascade. A
weight system F is called a weight decomposition in the case F¢ := {1—-F, : v € T*}
is also a weight system.

Note that a weight system is a weight decomposition if and only if the weights
are bounded between 0 and 1.

In a certain general sense it is clear that nondegenerate cascades owe their struc-
ture to large deviations from average behavior; e.g. with P-probability one a prod-
uct of i.i.d. mean one variables along a given path tends to zero. Fortunately, the
tree T contains uncountably many paths. We take advantage of this by transform-
ing the probability measure in such a way that the essential computations become
law of large number computations. The trick is to find the “right” probability
measure! In the present framework a natural choice is to choose a path at random
according to the cascade measure at level n and then average and pass to the limit
as n — oo. More precisely, for a given weight system F, define a sequence Oy, of
measures on Q,, x T,Q,, := [0,00)T (") by

(2.5) /Q  F@)Qr (e x dt) = Fp /T F(w,)Qrn (A1),
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for bounded measurable functions f. Then one normalizes the masses of the O,
by a factor Zy := EWyFj and extends to a probability O ~ using the Kolmogorov
extension theorem. Of course, the nontrivial initialization Zy > 0 will be required
wherever Or o is applied. The so-called Peyriére probability by Kahane was intro-
duced in [P] under the a priori condition P(As(T) > 0) of nondegeneracy of the
cascade. Apart from the weight system perturbations, the main difference here with
[P] is that an a priori nondegeneracy is not required. As a result Qp o, may be used
to study the degeneracy vs. non-degeneracy problem. The third ingredient to this
theory is a corollary to a general composition theorem proved in [WW2] which we
refer to as the percolation theorem in the spirit of terminology introduced in [LY].
The difference with [LY] is that here we consider a “measure valued”percolation
in place of “set valued”percolation. The idea is still that multiplication by an in-
dependent cascade with i.i.d. zero/non-zero valued generators, i.e. the so-called
B—model at (2.6) below, corresponds to an independent pruning of the tree under
which one studies the critical parameters governing the survival of mass. This is
an extremely powerful tool for analyzing dimension spectra. However, as will be
amply shown in sections 4,5, the more general composition theorem is also useful
in a variety of diverse applications,e.g. supercascades, independent composition
cascades, etc.

Theorem 2.2 (A Lebesgue Decomposition). Let F be an arbitrary weight system
with Zy > 0. Let mq denote the coordinate projection map on € x T. Then,

QF 00 0 g ' (dw) = Zal)\F,OO(T)(w)P(dw) + 1A, (T) = 00) QF o 75 ' (dw),

where A 0o = QF, 00

Corollary 2.1. If Zy > 0, then

A (T) = Ar,oo(T) in L' AF,00(T) < 00 OF,00-a.8.
< Ep)\F)OO(T) = Z@.

Remark 2.1. The Lebesgue decomposition and Corollary 2.1 are quite general and
may also be derived for general positive T-martingales with no difference in the
proof. The following theorem and its corollary exploit the special structure of T.

Theorem 2.3 (A Size-Bias Transform Disintegration). Given a weight system F,
with Zy > 0, for each t € T,n > 1 define a probability Pr; << P on Fy by

dPg

—1
aP 7. =2, HWtHFt\n-

i=0
Also let Pr: denote the Kolmogorov extension to F. Then,
OF oo (dw X dt) = Pg ¢(dw)A(dt).

Moreover, defining Fi r, := c{Wyn,n > 0,W,,|y| <n},t € T,n >0, one has

n J
Apn(T) =Y b [ Wi s (8),
j=0 i=0
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where each M, ;(t) == > ‘&‘#Tﬁl —(n—=j) H?:’f WijsryliEtljeys 1 < J§ <, is the total

mass in the (slightly irregular) subtree started at t|j, and given Fy o, the M, ;(t),j =
0,1,...,n, are independent. Moreover,

EP[)\Fn |]:t0 Zb 7l_II/Vth*FﬂJ b67, )

where 65, is the Kronecker delta.

Note. In the decomposition represented by the above Theorem 2.3, at each node,
say t|j, of the t-path one has a subtree generated at that site. However, there is a
slight irregularity in the subtree since, at the first generation, ) = ¢|j subsequently
generates only b — 1 offspring, while each of these will generate b offspring. This
is of no major consequence, however it tends to have subtle (arithmetic) effect
on some calculations which will be noted as they occur. Also, Ag,(T") need not
be in L'(Pg ), in which case the “conditional expectation”formula is an abuse of
notation which is to be interpreted as a disintegration formula.

Remark 2.2. Observe that as a result of the factor Fy|,, in the size-bias transform
for t € T, one has Fy,, > 0 Pp;—a.s. In particular one is free to consider the
reciprocal. This simple property applies to the generator factors Wy; as well. This
property will be seen to contribute to the utility of the size-bias transform in various
considerations of reciprocals throughout.

Corollary 2.2. If Zy > 0, then

OF oo (dw x dt)

= Z5 ' AF 00 (dt) P(dw) + L(AF,00(T) = 00)67 (0 (dt) Qr 00 © T, ' (dw),
where T is a T-valued random path.

Remark 2.3. The proof of Corollary 2.2 makes the following heuristic precise. By
definition the construction of O o involves renormalization of the mass by the
total mass at each stage of the cascade and then passing to the limit. If the total
is finite in the limit, then one simply gets the total mass as the renormalization of
P. On the other hand, if the limit is infinite, then the renormalization results in a
delta mass along a single surviving path. This is similar to the description of the
backbone of the “incipient infinite cluster” in [KES].

Theorem 2.4 (A 1st Departure Submartingale Bound). Consider a weight system
F, such that Zy > 0. Let F  := o{Wy;, Wy 20 > 0,|y| < n}. Fiz ey > 0, such that
ck is Fro—measurable, Egn >, ci < 00. Then, for arbitrary t € T (with § = 1),

T T[T, (Wy,)
b [T WaiiFupn < Apan(T) < HWthFﬂnJrsup(b Jl—”Fﬂj)Mn,
i=0 i=0 €
where
M, = ZC b)) t\; Z H Wiijsivli Ftgey
Tz

15 a non-negative submartingale with respect to F; ,,, whose Doob decomposition has

the predictable part A, = b_Tl Zj<n ¢j, and lim M,, exists QF - —a.s.

Let us refer to ¢;’s satisfying the conditions of the previous theorem as admissible.



A CASCADE DECOMPOSITION THEORY 593

Corollary 2.3. FixteT. If

J
Mt Pes() 077 [ WyeFyyy < 00) > 0} >0,

J k=1

then
P(Ar,00(T) > 0) > 0.
If for A-a.e. t,
J
Pra (b7 [ WapFy; < 00) =1,

J k=1

then
EpAr oo(T) = Zy
and
Arn(T) = Ap,oo(T) in L'(P).
If for A-a.e. t,
P (limsupb™" H Wy Fijn = 00) = 1,

then P-a.s.

Ar . (T) — 0.

Remark 2.4. To obtain the convergence in Corollary 2.3 it is often useful to do a

“root test”as the computation of </ b= 1< j Wik Fy); is often calculable using an

ergodic theorem. Alternatively, it is sometimes convenient to do a “comparison
test”based on the simple fact that for admissible ¢;’s,

b= e Wen Fyy o
sup k<y 7R < o0 = Zb_] H Wi Fy; < oo,
i K =1 k<

and conversely.
Although the proof is given in [WW2] we quote the composition theorem and
its corollary (the percolation theorem) here for completeness.

Theorem 2.5 (Composition Theorem). Let T be an arbitrary compact metric space
and let {R,} and {S,} be independent arbitrary positive T-martingales defined
on a probability space (0, F, P), with respect to independent increasing sigmafield
sequences {Ry} and {S,}, respectively. Let F, m = 0{R,USn}. Define Q,(t) :=
R, (t)Sn(t),t € T,n > 1. Then for Q_1,S-1 € L*(0), P-a.s. R_1 € L'(Sx(0)),
{Qn} is a positive T-martingale with respect to Fp n and one has Roo(Soc0) =
Qoo a.s.

The percolation theorem is the composition theorem with { R, } given by the i.i.d.
generator process with
(2.6) _ { b?  with probability b7,

0  with probability 1 — b5,
The usual terminology from the physics literature for this cascade is the S—model,

e.g. see [SLSL], and will be denoted {Q%ﬁ)}.
The following theorem provides the percolated cascade distribution.
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Theorem 2.6. Let {S,} be a general multiplicative cascade having generator pro-
cess distributed as qn(B) :== P(Wyo, ..., Wyn) € B), B € B""[0,00), n > 0. Let
{R, = Q%ﬁ)} be a f—model independent of {S,}. Then {Qn} is a multiplicative
cascade with generator process distributed as

qn(BOXB]_X"'XBn)

— Z p—B Zﬁzofk(l _ b*ﬁ)"H*Z’Z:o €k
(€0,---,€n)E{0,1}nH+1

x B[ 86 *(Br)an(b™"°Bo.c, x b7 B¢, x - x b 7B, ),
k=0

where By ¢, = By, if € = 1, else By, = [0,00).

The above theorems are the essential new tools for analyzing multiplicative cas-
cades in the generality of this paper. However, before specializing to specific types
of dependence (e.g. Markov, exchangeable), we record some results which also apply
in some generality to the specific problems we wish to address for these dependence
classes; namely the degeneracy/nondegeneracy problem, the supporting dimension
spectra, and the divergence of moments problem.

The first result is essentially a computation of Kahane’s T-martingale decom-
position for multiplicative cascades and is the basic tool for obtaining the non-
degeneracy criterion.

Theorem 2.7 (A T-martingale decomposition). Let A be the Haar measure on T =
{0,1,...,b— 1}N and let Q,(t) = Q. (t) + Q" (t), the T-martingale decomposition
with respect to A\, [K2,K4]. Then, {Fy, = %;E”—g :t € T} is a well-defined weight
decomposition (3 :=1).

The next five results are useful in analyzing the dimension spectra of multiplica-
tive cascades. The first of these provides a computation of the spectral disintegra-
tion formula in this setting.

Theorem 2.8 (Spectral Decomposition). The spectral decomposition Ao =
[ pav(da), is equivalent to a family of weight decompositions, F(s) = {F,(s) :
v € T*}, parameterized by s € [0, 1], defined by

_ B[y ([0, s])|Fn]

R WroIeY

where
v~([0,8]) == oA, v(da), n=
(10,5) /Mu (Au()vlda), n= P

Moreover,
(i) AF(s),n = /[o,s] pav(dB) a.s.,
and

(ii) Ar(s)n(T) — ([0, s]) in L.
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Remark 2.5. We refer to the weights obtained in Theorem 2.8 as the dimension
spectral weights. The dimension spectral weight F,(s) is simply the expected pro-
portion of mass of smaller carrying dimension than s in A(v). One may note from
(ii) that the Lebesgue-Stieltjes measures s — Ap(s),, converge vaguely to the di-
mension spectral measure v a.s.

Theorem 2.9. Suppose that F(s),s € [0,1], is an arbitrary family of weight de-
compositions. Then F(s),s € [0,1], is a spectral decomposition in the sense of (i)
and (ii) of Theorem 2.9 if and only if the following properties hold:

(0) F(1) is the strong weight of the T-martingale decomposition of oo, s — F(s)
is right continuous, F(s) < F,(1) for each v € T*, and letting Qg’é‘) be independent
of the Ap n,n >0,

(1) QLAr(s),00 = 0 a.s. if s <, and

(2) QL (AF(1),00 — AF(s),00) lives if s > av.

Corollary 2.4. Let F be a weight system with F_1 > 0 and let a > 0.

(1) If for X\—a.e. t, Pp (30 o b~ "0 [Timg WejiFyyp < 00) = 1, then P-a.s., for
every Borel set B of Hausdorff dimension less than a one has A (B) = 0.

(2) If for \—a.e. t, Pg (limsup,,_, o b="b*" [[;" o Wy; Fyjn, = 00) = 1 then P-a.s.
AF,00 15 supported on a set of dimension at most a.

The computation of the spectral modes 115 in the spectral disintegration of A
as weighted cascades can be made under some additional structure as summarized
by the following two theorems. That such structure is nonvaccuous is illustrated
by a version of an exchangeable Polya cascade in section 6, and by an application
to finite state Markov cascades in section 5.

Definition 2.3. Let X be a Polish space with Borel sigmafield B and let o €
Prob(X). Suppose for each A € B that F(A) = {F,(A4) : v € T*} is a weight
system. If A — F,(A) is countably additive and absolutely continuous with respect
to o then F(A), A € B posseses a local structure given by the derived weights defined
for v € T* at each 2 € X by the functions OF, (z) on [0, 00)171*! where

dF,
We say that F(A) is differentiable (with respect to o) in this case.

OF,(x) =

Note: By definition each F,(A) is a measurable function of (wo, ..., w,); however
as is customary this dependence is often suppressed. The same is true for the local
structure.

Theorem 2.10. Given a system of derived weights one has for o—a.e. z, OF(x)
= {0F,(x) : v € T*} is a weight system.

Theorem 2.11. Suppose that OF (x),xz € X, is a family of derived weight systems
such that for co—a.e. x € X,

Aor(@)n(T) = Xop(a),00(T) in L'
Then P-a.s., for all A € B(X)

AF(A),00 :/)‘BF(z),ooU(dx)
A
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One may observe that the disintegration formula in Theorem 2.11 is more general
than the dimension spectral disintegration formula of [KK]. The latter formula
follows according to the special case contained in the following corollary.

Remark 2.6. It is interesting to notice that Qn(x) := Agp(z),n(T) “almost”defines
a X-martingale, in the sense of being a positive martingale for o-a.e. x € X. That
is, there is an A C X such that 0(A4) =1 and {Q,(x) : © € A},, provides a positive
T-martingale in the sense of Kahane.

Corollary 2.5. Let X = [0,1] and F([0, s]) = F(s) where F(s) is the dimension
spectral weight decomposition defined in Theorem 2.8. If F ([0, s]) is differentiable
with local structure OF(s) such that

Aor(s)n(T) = Nor(s),eo(T) in L',

then P-a.s. v << o with

dv
%(5) = AoF(s),00(T)-

Moreover, for v —a.e. 8
A9F(8),00

1o = Nor(3),00(T)

Finally the next two results are useful for determining moments of the total mass
distribution.

Theorem 2.12. For an arbitrary weight system one has for 0 < e < 1,

€ b—1 € - 1 d € €
sup Ep[Ag's (T)] < (——) Zb?EPF,t [Tws.Fs,
" j=0 i=0

In particular, if for 1 < h < 2,

— 1 L b1 phet
Z pi(h—1) Epe, H Wi Fy;— <o,
=0 i=0

then
EA%)OO(T) < 00.

In instances where one has available a good large deviation rate in the sense
of general large deviation theory, e.g. see [DEUST], it is possible to express the
criterion of Theorem 2.12 in a form more familiar to cascade theory. Specifically,
for fixed but arbitrary ¢t € T, the P;—distribution of the random sum

n—1
1
(2.7) S = ~ ; log Wy

does not depend on t in view of Theorem 2.3. Therefore, if a large deviation
principle holds for the generator process under the size-bias transform, then the
rate function I : ST — [0,00] will not depend on t. We denote the Legendre
transform of I by I* where

(2.8) I“(t) = sgp{tx —I(z)}
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Corollary 2.6. Consider a general multiplicative cascade for which one has a large
deviation principle with rate function I together with Varadahn’s formula

1 ~
—log Ep,e"?n(Sen) — [*(h — 1),
n

for 1 <h <2, and ¢p(z) = (h — 1)z.
(i) If B2 — (h— 1) <0, then Ep\e (T) < cc.
(ii) If Lh-1) (h—1) > 0, then lim,, EpA"(T) = occ. In particular, if {\,} lives

logb
(i.e. fully acting) then Ep\! (T) = oo.

A natural setting for the large deviation formulation is in the case of Markov
cascades to be given in section 5; this includes the homogeneous independent cas-
cades.

3. PROOFS OF MAIN RESULTS

The proof of Theorem 2.1 is a standard application of Kolmogorov’s consistency
theorem and is omitted. The proof of Theorem 2.2 will require the following lemma.

Lemma 3.1. Let F be an arbitrary weight system with Zy > 0. Then {#(T) :
n > 1} is a O o positive supermartingale on (2 x T, F x B, O o) with respect
to the o-field F, = o{Wy, : k < n} , where Wy (w,t) = Wik (W), (w,t) € @ x T. If

PArn(T) > 0) =1 for all n, then {ﬁm :m > 1} is a OQF oo-martingale.

Proof. Note first that g ,(T) is a P-martingale. Also —— is independent of

>‘F,71(T)
t € T. Let G be a non-negative bounded F,,_i-measurable function. Then for
arbitrary M > O, by definition of Or ~ and using consistency, one has
¢
)\F,n(T) V ﬁ

7G)\F’H(T) ) < EpG
Arn(T)V % - '

EQF,oo ({ /\M}G) :EQF,n(

Ar o (T)

(3.1) =Z,'Ep(

Let M — oo to get, by the monotone convergence theorem in the first expression
and the dominated convergence theorem in the second expression, that

1

Eop . (~——=0G
Q N ()\FJL(T) )
= Z,'Ep(1Ap.n(T) > 0] G) < Z, ' Ep([1[Arn-1(T) > 0]G])
1
3.2 = Fop . (+——=0Q),
since [Ap,n(T) > 0] C Ap,n—1(T) > 0]. Thus, Elx—g5lFa-1] < 5577y O

Proof of Theorem 2.2. In view of Lemma 3.1 and the martingale convergence the-
orem, lim,_, o ﬁ = A < oo (exists) OF,co-a.s. Now, by (3.1) one has for any

bounded F,,-measurable function G and M > 0,

Ar o (T)
>\F,n (T) \Y ﬁ

(3.3) Eop..({ AM}G) = Zy ' Ep( G) < EpG, n > N.

1
Arn(T)
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Let n — oo and apply martingale and dominated convergence theorems to get

ZyEgr .. ({ANM}G)
(3.4)

s

=Ep(1r,0o(T) > %]G) + Ep(M1r,0o(T) < MP\F o (1)G).
Now let M — oo to get
(3.5) ZpEop .. (A-G) = Ep(1[Ar,(T) > 0]G).
Now A = mQF—a.s. In particular A > 0 on [Ar,oo(T") < oo} and

—1

dQF,oo o Z(])

= Zy " Aroo(T) on [Ap,oo(T) <o O

Proof of Corollary 2.1. Note that A ,(T) — Ar,co(T) P — a.s. by the martingale
convergence theorem. Now, by positivity, L'— convergence implies EAg oo (T) =
lim,, 00 EArn(T) = Zy and in particular, [Ar oo (1) < 0] QF, 00 — a.s. Conversely,
by the Lebesgue decomposition theorem Q o 7' (dw) = Zq)_l)\pm(T)P(dw).
Thus 1 = [, QF,c 0 T ' (dw) = Z; ' EpAr,oo(T) and, therefore, Zy = EpAr oo(T),
ie. lim, oo EpApn(T) = EpAr.oo(T). The L!'—convergence follows from this,
positivity, and the martingale convergence theorem using Scheffe’s theorem [BW,
p. 635)]. O

Proof of Theorem 2.3. Define Pp; << P on F, as indicated and then apply
Kolmogorov’s extension theorem to get Pg; on F for each ¢t € T. Observe that
t — Pp(A) is measurable for all A € F,,,n > 1. For a bounded F,,—measurable
function G and a bounded Borel function g on T, one has

/T 9(t) Epy ,GA(dt) = /T 905 (75" [ WaFin A0
(3.7) 2
= EP/TQ(t)Z@ 1HWt|iFt|nG)‘(dt)

i=0
= EQF,OO (gG)'

The idea for the second formula is to decompose the total mass Ag (1) generated
from @ according to the mass generated from each node t|i,7 = 0,1,..., down
the t—path. Remember that there will be a slight irregularity in the trees off the
t—path; namely b— 1 branches off the initial node and b branches at the subsequent
nodes. That is,
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)\Fn Z b H ’y\n

lvI=n =0
H Wt|th|n + Z H ’y|n
[v|=
(3.8) -
H Wt|1Ft|n + Z Z b= H Wt‘l H Wt‘]*'YthU*’Y
=0 'v‘ﬁ‘?ft\ﬁrl
n J
=> b7 [[wyM.
=0 i=0
where

Z b= HWtU*’HZFﬂJ*’Y

[vl=n—j

YI1FL[j+1
Observe that, apart from the b — 1 irregularity in the tree, given F; o, M, ;(t) is
distributed as a total mass. Taking into account this irregularity one gets, using the

martingale property of the weight system and the conditional mean one property
of generators,

bl o ifj<n—1,
59) Brlbs0lFal = { 700
tn if j =n.
O

Proof of Corollary 2.2. For a bounded F,, —measurable function H, : 2 — R and
a continuous function g on T,

Foy . [Hag) = Er| H%Amm

:EQFWOWQI[ " )\Fn( ) ]

By the usual appeal to countable convergence determining classes, Qf o © 7, -
a.s.,

Arn (dt)
Men(T)

s

(3.10) p(dt),

where p(w, dt) OF 00T (dw) = OF oo (dw x dt). For O acomg'—a.e. w € [Ar,0o(T)

AF,n (dt) AF, o0 (dt)
<o ST T R

0. So,

since Ap ,, converges vaguely to Ap.co and 0 < Ap oo (T) <

1[F,00(T) < 0] QF, 00 (dw X dt)

=zt AF.n (dt)

P gy (T @)P(e) = Zg L e (@) P(de).
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For the last term of the formula of Corollary 2.2, Theorem 2.2 implies for any
bounded measurable function H : Q — R, that

/H 1[MF,00(T) = 0] QF 0 © g, ' (dw)
(3.11) //H 1[Ar, 00 (T) = 00](w)Pr,s(dw)A(ds).
For M\-a.e. s, Pps-a.s. w for v € {s|n}>%y, Apn(A,) < b1 [Tj<m Wapix Mpm(s)
where here m := max{j : s|j = v|j} and M, (s) is the positive Pp ;—martingale
in the statement of Theorem 2.3. Thus for A-a.e. s, Pg s-a.e. w, for v € {s|n}s%,,
one has lim, o0 A n(Ay) < oco. Since the limit of a sum is the sum of lim-
its and T = U=, Ay, for Aae. s, Ppsae w € [Apo(T) = oo, for v ¢
{sIn}og, limy, oo AP (A,) < 00 and for every n, Ar oo(Ag),) = co. That is, for
Ma.e. s, Prsae w € [Apoo(T) = 0], “there exists a unique ¢ € T such that
lim, Ap n(Ay) <00 <= v ¢ {s|n}s2,”. Since the statement in quotes is only a
function of w and not s, (3.11) implies QF 00 0T —a.e. w € [AF 0o = 00, “there is
a unique t € T such that lim )\Fyn(A )< oo <= v ¢ {tn}2,”. Using this state-
ment along with (3.10), Qp o 0 T —a.e. w € [Ap,0o(T) = 0], there is a unique

t € T such that if v ¢ {t|n}s> then p,(A,) = lim,, A, ”((AT)) =0 and so p, = 6¢.0]

Proof of Theorem 2.4. The lower bound is obvious. For the upper bound use (3.8)
to write after introducing the factor cj*lcj,

Aen(T) = b"" [ WiiFyn
=0

+Z Z 71b jHWtIZFtIJ Z F Cab (n=d) HWtU*’HZFﬂJ*’Y

=0 I~rI= i=0 [vl=n—j i=1
\1¢t\1+1 \1¢t\1+1

gb-"HWmFﬂn (supcj b JHWmFm)M
=0 =0

Since, similarly to (3.9), M, is a positive {F,, } —submartingale having a predictable
part bounded in expectation, i.e. sup, Fop . An = Fop Zj cj < 00, it follows
that M, is a.s. convergent. O

Proof of Corollary 2.3. Fix t € T. For each N, let

o0

1
(3.12) A =1 5 [T WaiFu; < N]
Jj=0 1<
and define
1
(3.13) ¢;(N) := EHWmﬂw[AN].

i<j

The ¢;(N),j > 1, are clearly admissible, in particular Egg , 3272 ¢;(N) < N < cc.
Thus the Pg:—martingale, M, () associated with the ¢;(N),j > 1, sequence
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converges. But Ap,(T)1[An] = (Mp(N) + ¢,)1[An]. Since 1[An]c, — 0 and
1[An]M,(N) converges, Pr(AN) < Pri(Ar,oo(T) < 00). Thus, Pr(|JAN) <
PF,t()\F,oo(T) < OO) = QF,OO()\F,OO(T) < OO) If PF,t(U AN) > 0, then Ep)\Fpo(T)
> 0 follows from the Lebesgue decomposition. If Pg.(|JAnx) = 1, then apply
Corollary 2.1 to see OF oo (AF,00(T) < 00) = 1. O

The proof of the Composition Theorem 2.5 is given in [WW2]. The proof of
Theorem 2.6 is an elementary computation and will be omitted.
For the proof of Theorem 2.7 we will need a lemma.

Lemma 3.2. For v € T" let Fy oo = o{Wy; : @ < ||, Wysr, 7 € T*}. If X s
Fy00-measurable, then E[X|F||| is Fo—measurable.

Proof. The proof is by induction after defining
(3.14) Fom = 0{Wyi 20 < |y|, Waar, 7| < n}.

Note that Fy oo = o{|J Fy,n}. Note that the lemma is true if X is F, o-measurable
and suppose that it is true if X is F, , —measurable, say X = Hll‘l Gji HO<M<”+1
Gsr, where G, is o{W, } —measurable. Then, using conditional independence,

7]

X|]:|’Y\ HGW [ H G’Y*Tl}—\’ﬂ]

0<|7|<n+1
vl

= H Gl H B[] Giscl Py

i=0 [¢|<n

7]

(3.15) = HGW HE E[ [T Greincl il Fin],

I¢l<n

since F|,| C Fjy+1- Now apply the induction hypothesis to get for each i that
Hi = E[[],¢c)<n Gryrixc|Fiy)+1] I8 Fruio-measurable.

71

EIX|Fy] = HGWHEH [ Fiy41]

is then F.; 0—measurable. Now, by definition of the general multiplicative cascade,
the conditional distribution of W.,.; depends only on W, 3,k =0,1,...n. O

Lemma 3.3. Let o, 8,y € T*, with |a] = |B| and let ¢ : T — T,¢p: T — T be
the continuous one to one maps defined by ¢o(t) := y*xaxt,¢pg(t) = v+ Gxt. If G :
M™T(T) — R is a Borel measurable function such that G(A\r,«|a.., © ¢a) € L1(P),
then G(Ar,o|a.., © ¢g) € L*(P) and one has

Ep[GAF,00|A 1m0 © Pa)lFly]l = EP[G(AF,00la .5 © 98)F|y|]

vy

and the conditional probability is F., o—measurable.

Proof. Let I = {y|i} U {y* (i)} U{yxax7: 7 € T*} and let J =
{7li }MOU{W*(M )}WI "U{y*Bx7:7 €T} Alsolet ¢: I — J be the obvious
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map for which ¢(v]i) = 7]i,i < [v], (v * (ali)) = v (8li),i = 1,...,|a| — 1, and
d(yxaxt) =yxfx7,7 € T*. Forn € ZT,let N(n) = #{r € I : |7| < n}. Then by a
standard induction on 7 one has for bounded Borel functions H : [0, 00)¥ (™) — R,

(3.16) Ep[H({{W:}rer,)rj<n)] = EP[H{{ Wy }rer,|r|<n)]-

Therefore for any n, and any bounded Borel G : M+ (T) — R, applying this to
H x G(Arnla,.. © ¢a), where H is F|, —measurable, and then differentiating out
H

3

(3.17) Ep[GAF c0lAna © Pa)lFly] = EP[G(AR,00lA .5 © 08)F 4]

and the conditional probability is ., g—measurable by Lemma 3.2. Now, P-a.s.,
AFnlAy e ©Pa — AF,00lA,.. © @, and similarly for 3 in place of a. So for bounded
vaguely continuous functions G : M¥(T) — R, by bounded convergence one has
(3.17). Extension to bounded Borel G then follows using the dominated convergence
theorem. Extension to positive Borel measurable G such that G(Ar,co|a.., © ¢a) €
L(P) follows from the monotone convergence theorem, and then consider positive
and negative parts for the final extension as asserted. ]

Proof of Theorem 2.7. Since A o0 (Ayia) € L' (P), by Lemma 3.3, it follows that
E[AF 00 (Ayxa)|Fly)] is Fyo—measurable and for |5] = |af,

(3.18) EAR 00 (Ayea) | Fiy)] = B[R 00 (Bys) | Fiy ]

Let Hy = E[Ar 00 (A4)|F}y ] By additivity and (3.18),

HoMAs0)

(319)  EDpoo(Bywa)|Fiy] = 0718 D 0 B 00(Bsug)| Fiy ] = A(A5)

1B]=|a|

for o € T*. Thus, Q,() = 32}, =,, )\(HTVW)IA7 (t) and H, is Fy o—measurable. Now,

@, < @, and therefore Fy,, = /\(Pi;:n) = gig) <1, (2 =1). So {F,} is a weight

decomposition. O

—

Proof of Theorem 2.8. For p € M™(T), let f[o 1 foVu(dv) denote the dimension
spectral disintegration of p. The set As, = {p € MT(T) : v,[0,s] > r} is a
Borel subset of M (T') for s € [0,1], 7. Thus ts(x) = v,[0, s] is positive and Borel
measurable. Since f[o,s] 118(Arsa)vu(dB) =1s(Ass|A,.0 © Pa), one has by Lemma
3.3 for |a| = ||

(3.20) E[vyxal0, 5] Fiy)] = Elvy4s[0, s]|Fjy]

and is F,o—measurable. As in the proof of Theorem 2.7, one has {F,(s) =
Elvy[0, s]|F,]} is a weight decomposition and, moreover,

@@W—E%“ﬁwwmvw
0,s

Thus (i) and (ii) are now immediate from this. O
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Proof of Theorem 2.9. Let us first show that the spectral weights satisfy properties
(0) — (2). By definition we have

Elv,[0, 5] Fn]

(3.22) F,(s) = (A7)

n= |yl

Thus F, (1) = E[A?n(&(&)%m = iigﬁ:g;g is the strong weight of the T-martingale

decomposition by Theorem 2.8. Also right continuity follows from Theorem 2.8 (ii)
and the Dominated convergence theorem. Finally F(s) < F,(1) by monotonicity

of v,. For (1) we apply the percolation theorem to get for o > s, using [K1],

(3.23) Q) /[O awd) =0

and for a < s, letting F denote the Borel sigma-field of 2 independent of the
defining sigma-field of Q(),

(3.24) ElQ® /( ) ) = | wartds) Pas

(s,1]

Properties (1) and (2) follow from Theorem 2.9 (i), noting that Ag(1),00 — AF(s),00 =
AF(1)—F(s),00- FOr the converse suppose that G(s) = {G(s) : v € T*} is a weight
decomposition satisfying (0), (1), (2). Fix s € T. Then a.s.,

(3.25) Ac(s)n(T) = Aa(s).eo(T),
and
(3.26) 0 < Ag(s),n(T) < Ag1),n(T) = Ag(1),00(T)

in L'. Thus, Ac(s),n(T) = Ag(s),00(T') in L'. Also,

(3.27) AG(s),00 T AG(1)~G(s).00 = AG(1),00

since G(s) and G(1) — G(s) are weight decompositions and G(s) + G(1) — G(s) =
G(1). Thus,

(3.28) AG(s),00 T AG(1)=G(s),00 = Ao = /[O . pev(dB).

For a > s,

(3.29) QI Na(1)-G(s),00 = Q(“)/

[e,1]

Hsr(df) > Q@ / Hsv(dp),

(e,1]

where Q(®) is a f-model (8 = «) independent of {Ac(s),n}- Take expectations with
respect to Q@) i.e. integrate out Q(®), to get for @ > s, P-a.s.,

(3.30) AG(1)-G(s),00 2/[ }Nﬁ”(dﬁ)
a,l
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and

(3.31) AG(s),00 < /[o,a] ppv(dB).
Let a — s, to get P-a.s.

(3.32) AG(s),00 < /{075] ppv(dB).
On the other hand, if s > «, then

(3-33) QAe1)-c(s)00 £ QAo = Q(a)/[ 1 pgv(dp).

So, taking expectations with respect to P and using independence, we have a.s.,

(3.34) AG(1)—G(s),00 S/ ppv(dB)

1]

and therefore for s > a, a.s.,

(3.35) [ i) <60

Thus, (3.35) and (3.32) provide

(3.36) [ pd9) Srcr < [ ovian)

Fix n and take conditional expectations to get

@31 B /[ BAB)F] £ A0 < B /[ A7)
0,s 0,s

One has for all a, P-a.s., for any A,

(338) lim AF(a—e),n(An) < AG(S),R(AH) < AF(a),n(An)

e—0t

Choose a countable dense subset D of [0, 1] to get (3.38) P-a.s., Va € D. Then
by the right continuity of both G (a) and F,(a),y € T*, we have Ag(s),n(An) =
AFn(Ay) for all s, and for all A,, P —a.s. Thus, P — a.s., if [[,,, W,j; # 0, then
F,(s) = G-(s). In particular, G(s),0 < s < 1, provide the spectral weights. O

The Corollary 2.4 follows directly from Theorem 2.9 using Theorem 2.6 and
Corollary 2.3.
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Proof of Theorem 2.10. For A € B, one has for v € T*,

/H )| Fu1]o(da)

i<n

B[] W, / ()| Fo 1 ]o(da)

i<n

H |-7:n 1]

i<n

H Fyin—1(4)

i<n

(3.39) /H W '" L (z)o(da).

i<n—1

Thus,
(3.40) H iOFy ()| Fr-1] H Fn-1(z), o-a.s.

i<n i<n—1

This and the obvious measurability property inherited from the weight system F(A)
completes the proof. O

Proof of Theorem 2.11. For ¢ — a.e.x, Zy pp(s) = E[WydFy(x)] > 0 yields by our
Lebesque Decomposition Theorem 2.2 that

(3.41) Zy, OF (z QaF(m) (dw x dt) = )\ap(x)po(dt)P(dw).

Thus for o-a.e. =, Zp op(z) = E)\ap(z)m(T). Now by the Fubini-Tonelli theorem
one has P—a.s for c—a.e. x and for every cylinder A, of T, App(z),n(Ay) converges
as n — oo. Now, by definition, for every A € B(X),

(3.42) F(A) = /AaF(z)a(dz

So, in particular,

(3.43) A1) (T) = /T AoF(z),n(T)o(dz).

Letting n — oo one has by Fatou’s lemma that

(3.44) AF(T),00(T) > / AoF (z),00 (1) (d).
T
Taking P-expectations on both sides one gets
Zy w1y = EAR(1),00(T)

> E/TAc’?F(w),oo(T)U(dz)
- /T EDor(e).co(T)]o(d2)

(3.45) = / Zp,or@)0(dx) = Zg,p(T)-
T
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Thus, one has P-a.s.

(3.46) Ae(r) o) 2 [ Doy (Do)
T

So there is a P-null set N such that off this null set:

(i) For o-a.e. x and for every cylinder A, of T, Ayp(4),n(Ay) converges as n — oo
and

(ii) [7 Aor@)n(T)o(dx) — [ Aop(a),00(T)o(dx) as n — oo,

(iii) For any A € B(X), and any cylinder A, Agp(z),n(A) < Agp(a),n(T) o-a.e.
x € A, and

Applying the Dominated convergence theorem to (3.42) now yields

(3.47) Ar(ayn(A) = /A AoF (z),n(A) = /A AoF (2),00 (A)-

O

The proof of Corollary 2.5 is simply a matter of definitions once Theorem 2.11
is obtained.

Proof of Theorem 2.12. The first bound follows directly from Theorem 2.3 and
sublinearity for 0 < e < 1, using the basic z-transform property that

(3.48) EpApi(T) = Ep M o(T), teT.

Now the convergence criterion yields sup,, £ PFwt)\}];%,n(T) < 00. Now apply Corollary
2.1. O

Proof of Corollary 2.6. Under (i) one obtains the convergence condition of Theorem
2.12 and hence EpA" (T) < oo. For part (ii) simply note that for ¢t € T,

(3.49) EpA(T) = Ep Xt (T) = Ep,(b"" [[ Wy)" ™ — o0

i<n

by the divergence condition. Now if {\,} lives, then E[As(T)|Fn] = An(T), and
therefore Ao (T') € L"(P) <= sup,, EpA\}(T) < <. O

4. APPLICATIONS TO INDEPENDENT CASCADES

In this section we consider homogeneous independent cascades Moo = QooA. As
an illustration of the general decomposition theory we first give a new treatment of
the Kahane-Peyriere theorem. We give here the original results from [KP].

Theorem 4.1 (Kahane-Peyriere). Let A denote normalized Haar measure on T
and let Aoo := QxoA. Then,

(i) (Non-degeneracy). x3(17) <0 <= EAso(T) > 0.

(ii) ( Support Size) Assume that E(Aso(T)1og Moo (T')) < 00. Then there is a Borel
subset S of T a.s. having Hausdorff dimension D = —x}(1) = 1— EW log, W
such that Aoo(S) = Aoo(T), and if B is a Borel subset of T of Hausdorff
dimension less than D, then Ao (B) = 0.

(i) (Divergence of Moments) Let h > 1. Then Aso(T) has a finite moment of
order h <= h < h.=sup{h>1:x,(h) <0} <= EW" < b1
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Proof. For (i) suppose that EWlog, W —1 < 0. Fix ¢ € (1,b!7EWloe. W) and
take ¢; = ¢/ in Corollary 2.3. Use the strong law of large numbers on the ran-
dom walk % >7_q log, W, under P; together with the size-bias transform property
Ep,logy W = EpW log, W. Conversely, if EW log, W — 1 > 0, then, again using
the strong law of large numbers, b=" [, ., Wik — oo Pi—as. for t € T. Use the
lower submartingale bound of Theorem 2.4 and Lebesgue decomposition Theorem
2.2 to conclude Ao (T') = 0 P-a.s. For the critical case in which EW log, W —1 =0,
but Pi(log, W = 0) < 1, use the Chung-Fuchs recurrence criterion [CF] in place
of the strong law of large numbers to get that limsupb™" ], ., Wyx = oo P;—a.s.
By the size-bias transform property, the very special case EWlog, W — 1 = 0,
P;(log, W = 0) = 1 occurs in and only in the case of the f—model with g = 1.
This case is covered by the extinction of a Galton-Watson branching process at
criticality.

To prove (ii) simply note that the percolated cascade Q¥ Q. A has a shift in
the parameter D =1 — EW log, W by the amount (3, i.e. to D + 3 as explained in
the more general Proposition 4.3 below. The carrying dimension then follows from
(i) and Corollary 2.1 of [WW2].

Finally to prove (iii), assume the nondegeneracy criterion EW log, W — 1 < 0
from (i) and let 1 < h < 2 such that 0 > x3(h) = log, EpW" — (h — 1). Then the
conclusion Ep\', < oo follows immediately from Theorem 2.12. To bootstrap to
2 < h<3and 0> xp(h) = log, EpW" — (h — 1), we use the submartingale upper
bound of Theorem 2.4 as follows. Fix arbitrary ¢t € T. Let ¢ = ¢(h) € (bthle(h), 1).
Using independence of generators along the t-path with the (martingale) subtree
masses and Jensen’s inequality, we have

Ep, [\ H(T))]
= () (eb) 7 T Wayee My ()"
Jj=0 1<j
G0 B (s () T[ W) B (3 &My (1)

0<j<n - °
1<j j=0

tli
i<y =0

< —j(h—1) h—1y/1 _ ~N—(h—1) g (p\he1
< By, (a ()7 [T WA = OV Ep 3 My (1)
Now, by positivity, the “max”in the first factor in (4.1) is dominated by

> Ep (b)) [[Wea)" '] < o0
i=0

1<j

by our choice of ¢ = c(h). Since the P;—distribution of the masses M, _; equals the
P-distribution, the “sum”in the second factor of (4.1) is Y27 ¢/ EpM);". Each
of the terms M:;l is a submartingale and EM:LL;l < EM,};;} < oo by previous
condition since 1 < h —1 < 2 and the M, o terms are identically distributed as
a total cascade mass (up to the slight initial irregularity in the subtree). Proceed
inductively to larger values of m < h <m+1,m =1,2,.... Finally, if 0 < x4(h) =
log, EpW" — (h—1), then one may show EpA (T) = oo as follows. Fix t € T. Let
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let ¢j = b~/ [[,<; Wiy and let My, ; be as defined in (3.8) of the proof of Theorem
2.3. Since EW log, W —1 < 0, one has P, —a.s ¢; — 0 as j — oo. Thus the random
integer N := inf{n : ¢, = supc¢;} is a.s. finite. Now, cyanMp Nan < A (T),Vn
and therefore, ey Moo v < Moo (T') Pi-a.s. Also, ey and Mo, n are P,—independent.
Thus,

(4.2) Ep,ci ' Ep, M\ < EpAL(T),

since Ep, \'>1(T) = EpAl (T) as A lives. Now, EptM(Z;]{, > 0 since Ao lives.
So, by (4.2) it is sufficient to show Eptcfjﬁ,_1 = 00. But Eptc?_1 = prij(h) >1
Vj and ¢; — 0 Pp-a.s. Thus, by a contrapositive argument using the dominated
convergence theorem, Ep, sup; c? 1= . O

Remark 4.1. In view of its triviality under the size-bias transform it is often the
case that the B—model requires special consideration as in the proof of (i) above.
Another illustration is the estimation of the gauge function for exact Hausdorff
dimension based on the law of the iterated logarithm in [WW2].

Homogeneous independent cascades may be zero with positive probability. How-
ever in these cases there is a distinct finite interface between zero and nonzero
masses, i.e. in view of the next proposition, homogeneous independent cascades
cannot just fade away.

Proposition 4.2. Consider a homogeneous independent cascade Ao such that
EWlog, W < 1, one has

P(A(T) # 0 Yn|Aoo(T) = 0) = 0.

Proof. First observe that the number Z, = 3-, _, 1[An(A,) # 0] of nonzero nth
generation cylinder masses is a supercritical Galton-Watson branching process with
Binomial offspring distribution. In particular, therefore Z, — oo on [Aso(T") # 0].
Now

Also,
P(3M, Z,, < M, \,(T) #0,Yn,A\oo(T) =0) < P(IM,1 < Z,, < M ¥n) = 0.

Therefore

P(¥n, \p(T) # 0, Ao (T) = 0) <

P(3n,Zy > M, Ao(T) =0
(43) P( (T) =0)

M (T) = 0)M =0, as M — .

This proves the assertion.

In addition to its utility in the form of the percolation method as a tool for
analyzing dimension spectra, the general composition theorem also has a number
of “non-percolative” consequences. We illustrate this with the following general
result. The special case of percolation is used in the previous theorem to compute
the carrying dimension (ii) from the non-degeneracy criterion (i).
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Proposition 4.3 (A Codimension Formula). Suppose that Roo\, Sso A are mutually
independent homogeneous independent cascades with carrying dimensions Dr, Dg
respectively. Then Roo(SsoA) is an independent cascade with carrying dimension
Dpgrs and

(1-Dgr)+(1-Ds) =1- Dgs.

Proof. This is a direct application of the composition theorem and the simple
fact that for independent mean one non-negative random variables U,V one has
E[UV1ogUV] = EUlogU + EV logV. O

One may note that the moment condition EAso(T)logA\oo(T) < o0 included
in the Kahane-Peyriere theorem is not necessary using the percolation method.
This was observed in [K] without proof of the percolation theorem. The following
Proposition 4.4 shows that this is indeed an improvement over the original result.

Proposition 4.4. Assume EW logy W < 1. Then EXoo(T)log Moo (T) < o0 if and
only if EW (log W)?

Proof. First let us note that
(4.4) —e ' < Ep[Aao(T)1ogy Moo (T)] = Eg logy Moo (T).
The final expectation in (4.4) exists since by Fatou’s lemma

Eg [10gb Moo (T) A\ 0] = 7EQ[* 1ogb Moo (T) \Y O]
(4.5) > —liminf Eg[— log, A, (T) V 0]
= —liminf Ep[(—logy A\ (T) V 0)A,(T)] > —e L.

Let ¢ € (bPWlogs W=1 1) Then, using Theorem 2.3,

n—1
(4.6) log, A (T) < logb[sup (cb)™ H Wil + logy( Z M, ; + c™).
1<j 7=0

The last term in (4.6) is the logarithm of a martingale and therefore a supermartin-
gale term. Take expectations with respect to P; in (4.6) and use the supermartin-
gale (or Jensen s inequality) to bound the expectation of that term by the initial
expectation 2%, Then,

Ep[A(T)logy An(T)] = Ep,[logy An(T)]
(4.7) = . b-1_

< Ep, [suplogb (cb)™ HWt\ + logb(z 07(7) +c").

1<j 7=0
Using Fatou’s lemma,
M (T)logy A (T) > —e™ 1, A\(T) logy A (T) — Ao (T) logy Ao (T),
(4.8)
b—1 1
Ep oo (T) l0gy Moo (T)] < log(—— =) + liminf Ep, [sup(logb (cb) [T W)

1<j
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Using the monotone convergence theorem in the second expression,

(4.9)  Ep[Aoo(T)logy Ao (T)] < 1og(biT1 ﬁ) + Ep, sfli[;(logb(cj)_j H Wii)-

1<

Now observe that under Py, log,(cb) ™7 ], <; Wi)i is a one-dimensional random walk
with independent increments having mean displacement

(4.10) w= Ep,[logg W —1—log, c] = Ep[W log, W] — 1 —log; ¢ < 0.

According to a theorem variously attributed to Kiefer, Wolfowitz, Darling, Erdos,
and Kakutani, the random variable sup,-, S; has a finite first moment if and only
if

(4.11) Ep,[(log, Wy; — 1 —logy, ¢) V 0]* < o0,

see [KW]. But (4.11) is equivalent to the condition that Ep[W (log, W)?] < oo in
the present application. For the converse, fix t € T'. As in the proof of Theorem 4.1
(iii), Pi-a.s. eNMoo,N < Aoo(T) and ¢y and My v are independent. So,

(4.12) logen +log Moo, n < log Moo (T).

Since Ao (T') lives, there is an a > 0 such that § = P(Moo n > &) > 0. Multiply
(4.12) by 1[Moo,n > a] and take expectations to get

(4.13) B(Ep, logen + loga) < Ep,1[Moo,n > a]log Moo (T).

However, for E[W (log, W)?] = oo, the theorem of Kiefer et al. [KW], implies
Ep,1[Ms,n > o] log Ao (T) = 00. But (4.4) now yields Ep, log Ao (T') = 0. O

t

Remark 4.2. There are other instances, for example where standard limit theo-
rems under applications of the size-bias transform need moment conditions such as
EXoo(T)(log Moo (T))? < 00; another example is the use of the law of the iterated
logarithms in the estimates on the exact Hausdorff dimension given in [WW2].

We close this section with an application of the composition theorem to homoge-
neous independent cascades having a log-infinitely divisible generator distribution.
In particular, in the spirit of the recent activity in superprocesses we introduce a
notion of a supercascade which seems to share in some of the qualitative properties.
We shall see that the supercascades provide a natural class of examples from the
point of view of the dimension spectral theory.

We proceed from the simple observation that in view of the general composi-
tion theorem, a homogeneous independent cascade having a log-infinitely divisible
generator distribution has a natural “divisibility” property as well; namely, for each
natural number n one may write the cascade as a random composition of n inde-
pendent cascades. Let{X? : s > O},Xg = 0 a.s., be a process with independent

increments having right continuous samples paths. Assume EpeXg < 00, and let

0 e —
cs = log EpeX: . Also let B(s) = E[%]. Now let {{X] :s>0}:vyeT*}
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be a countable family of i.i.d. independent increment processes distributed as
{X?:5>0}, X% = 0. Define

(4.14) Qui(s,t) =[5, s>0teT

i<n

Then for each fixed s > 0, {Qn(s,t)} defines a homogeneous independent cascade.
Suppose we are given a finite measure o. Then by the Fubini-Tonelli theorem it
follows that P-a.s., for o-a.e. s, lim @, (s, )\ exists vaguely. Thus, P-a.s., for o-a.e.
8, Qoo(8)A is well-defined.

Remark 4.3. Tt is an interesting problem to try to define Q. (s)\ P-a.s. for every
s. However this is not required for the results presented here.

In addition to the obvious ones, let us see that some familiar generators are
log-infinitely divisible. It should be noted that the first example is made possi-
ble by considering probability distributions on the extended real number system
R U {—o0}. This is a semigroup on which infinite divisibility may be defined prob-
abilistically in terms of sums of independent random variables, but not in terms of
convolution powers.

Example 4.1. (a) (8—model) One has W = eX where P(X = Blogh) = b % =
1—-P(X = —).

(b) (Uniform generator) Let W be uniformly distributed on [0,2]. One has
W = eX where log2 — X has an Exponential distribution. For this example it
is interesting to note that the total cascade mass has a Gamma distribution. The
same is also true for a class of Beta distributed generators.

In view of Example 4.1(a), one has by the composition theorem and the fact
that the class of infinitely divisible distributions is closed under convolution that
log-infinite divisibility is preserved under percolation.

Here is an analytic approach to supercascades. Let M™ denote the space of finite
positive measures with the vague topology. Let B(M™) be the space of bounded
Borel functions on M. Then the supercascade is the Markov process defined by
the contraction semigroup {7Ts : s > 0} given by

(4.15) T,G(0) = EpG(Quo(5)0), s > 0,G € B(M™).

To prove the semigroup property simply observe that i.i.d. compositions are Markov
with stationary transition probabilities.

The following theorem contains the example from [KK, Example 2] as a special
case.

Theorem 4.5. Let o be a given finite measure. Let D(s) := 1 — [(s), with B(s)
assumed to be increasing. Then

i [ ptan
[0,00)

where v << o is given by

dv

Y () = QD (&), IN(T).
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and
__Que(D7H(@), )N
T QDT @), M)
is a dimension spectral disintegration having a absolutely continuous dimension
spectrum with respect to the prescribed measure o.

The proof of Theorem 4.5 consists of a few mostly obvious lemmas to check that
quantities are well defined and computable.

Lemma 4.1. P—a.s., for c—a.e. s, on [Qoo($)A(T) > 0] Qoo($)A is unidimen-
stonal with carrying dimension D(s) =1 — ((s).

Proof. This is another direct application of the Fubini-Tonelli theorem along the
lines above. O

Lemma 4.2. Fiz a € [0,00). For e > 0 define
Gnlert) o T[ XX st

i<n
Then {Qn (e, t)Ye > 0 is well-defined and independent of {Q(c)}.

Proof. Well-definedness is as before, and independence is by the independence of
increments. O

Lemma 4.3. If Q is an arbitrary positive T-martingale and o is a finite measure
carried by a Borel set B, then a.s. Qo is carried by B.

Proof. Q(o1 4 02) = Qo1 + Qos simply because a limit of a finite sum is the sum
of the limits. Moreover, if ¢ = Y .2, 0y, then Qo = > °, Qo; may be seen as
follows. EQY° ., < [q(t)(32;2, 0i(dt)) by the T-martingale decomposition.
Therefore, one may choose an increasing sequence {n;} of positive integers such
that QZinj o; — 0 a.s. Now, Qo =Q Y., 0; +0(1) as j — oo. O

Lemma 4.4. Fiz o € [0,00). Then for o-a.e. > «, P-a.s.

Qoo(ﬁ - a)Qoo(a))‘ = Qoo(ﬁ))\u

and if By, s a Borel set carrying Qoo(a)A, then Qoo(B)A is carried on By,.
Proof. Apply the composition theorem and use the previous lemma under indepen-
dence. (]
Lemma 4.5. Fix o > 0. Then P-a.s. there is a Borel set B, such that

(i) dimBy =1 = (@) if Quo(a)N(T) > 0.

(ii) For o-a.e. B> o, Quo(B)NT — B,,) = 0.
Proof of Theorem 4.5. First let us observe that if fl_ﬁ(s) > aQoo(B)Ao(ds) > 0
then Quoo(s)N(B) > 0 for some set of positive o measure. So by Lemma 4.1,
dim(B) > a; ie. fl_ﬁ(s)>a QAo (ds) is P-a.s. a—regular in the potential the-
ory language. On the other hand, Lemma 4.5 can be used to get that fl_ﬁ(s) <

aQecAo(ds) is a—singular as follows. Let s, denote the unique « such that
1 — B(8a) = . Let 84, | 4. For each i, there is a Borel set B; of dimension
1 — (Sq,;) which is o-a.s. a carrying set for Q(s)\.

If 5 > s then the f—cascade, (6 = a), Q) kills [ Qu(s)Ao(ds), where
Ei={s:1-p0(si—1) <1—p(s) <1—0(s;)}. This completes the proof as the rest
of the statement simply involves normalizing the integrands. O



A CASCADE DECOMPOSITION THEORY 613

5. APPLICATIONS TO MARKOV CASCADES

In this section we consider the cascade of a Markov generator process with state
space S € B[0,00). In [WW1] the Kahane-Peyriére theory was extended to finite
state Markov generators by applying the Perron-Frobenius theory to the recursion
on the total mass; i.e. by essentially finite dimensional techniques. Neither this
approach nor that in [KP] appears to be suitable for more general state spaces
when there is dependence. However, we will see here that the theory given in
section 2 readily applies.

For the finite state cases there is a natural decomposition of the state space
according to classes of states which are survival transient/recurrent or failure tran-
sient/recurrent. Even in the case of a finite state single ergodic irreducible class
one obtains interesting critical phenomena; see section 5 of [WW1]. In the present
paper we will not restrict S, however we will make a 1) —recurrence hypothesis which
will allow us to define an entropy parameter. In this way our results and methods
on problems (i) and (ii) will completely subsume the Kahane-Peyriére theory of
homogeneous independent cascades. Partial results are given on problem (iii) in
this generality. Examples will be given to illustrate certain critical aspects of the
null-recurrent cases.

Let ¢(dy|z) be a mean one transition probability kernel on the state space
S € B[0,00). Then ¢(dy|z) := yq(dy|z),z,y € ST = SN (0,00) is a transition
probability kernel. Unless indicated otherwise, we will assume an initialization of
the form P(Wy = z) = 1. We will indicate the corresponding distribution of either
the Markov chain or the Markov cascade determined by this initialization and the
transition law q(dy|z) as (6, — q(dy|z)). Let Xy, X1, ... denote a generic stochas-
tic process with distribution governed by (6, — ¢(dy|z)). Here is the relationship
between this and the Q., probability distribution.

Proposition 5.1. Consider a dependent cascade for which the generator path pro-
cess is a stationary Markov chain with transition probabilities q(dy|x). Then {W,}
is a stationary Markov chain with transition probabilities ¢(dy|x) = yq(dy|z) under

Qoo-

Proof. This is a simple computation of the Qu, distribution of W,,,n > 0, using
the definition of Q. O

We define a (possibly random) “entropy parameter” by

1 n
1 H=1 log, X;.
(5.1) imsup -——— ; og

With the exception of a class of transient examples discussed at the end of this
section, we will suppose that the size-bias transform ¢(dy|x) is ¥—recurrent. Then,
up to positive scalar multiples, there is a unique —invariant sigma-finite measure
7. Moreover, the tail sigma-field is finitely atomic with respect to ¢, see [OR]. So in
this case the parameter H is a.s. a constant; note that the tail atoms are averaged
out in the formula (5.1).

Theorem 5.2. If ¢(dy|x) is ©—recurrent, then
(i) If H < 1, then EAso(T) = 1.
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(ii) If H > 1, then EAoo(T) = 0.

Proof. The proof of Theorem 4.1(i) given in the independent case applies here
with the constant parameter H replacing the strong law of large numbers in the

computation of p/b—" Hign W,y; for large n. O

Corollary 5.1. If H < 1 then Ay is unidimensional with carrying dimension 1—H
on [Aeo(T) > 0].

Proof. In view of Theorem 2.6 one has that the percolated Markov cascade is a
Markov cascade and the parameter H is merely shifted to H + 3 under percolation.
From here the proof is exactly as in for Theorem 4.1(ii). O

Remark 5.1. As part of Corollary 5.1 it is proven that
(5.2) H>0.

That is, since Q¥ \,, lives for H+/ < 1, the carrying dimension of A is 1—H < 1.

In the positive recurrent case one has 7(S*) < oo and this makes the Markov
chain on ST with transition law ¢(dy|x) ergodic. In particular, one has a strong
law of large numbers of the following form (see [BW, p.229] and references therein):

n—1
1
(5.3) - > f(Xi) = Exf, feL'm).
i=0
Now, if 7 is a probability, then
-1

(5.4) 0> /logb(w)l{xsuff(dx) = //{ <1}7~T(d$) 2 Wi@'

In particular log, € L(#) and

1
5.5 li
(55) A

Zlogb X = /1ogb(:c)ﬁ'(d:c).
k=0

Note that from the point of view of cascade theory, the transition law ¢(dy|x) on S
defines an equivalence class of transition kernels ¢(dy|z) on S obtained by moding
out transitions from zero. Nonetheless, it is natural to ask for conditions on ¢ which
guarantee ergodicity of the transform §. According to the following example some
conditions will be required.

Example 5.1 (Birth-Collapse Generator). We note here that an irreducible er-
godic Markov generator on S may be transformed to a transient kernel ¢(dy|z).
Take S ={0,1,2,...} and define ¢; i+1 = H%l =1— ¢; 0. Then under ¢ the motion
is clearly transient.

Following [WW1] we will say that the transition law is m—mean reversible if the
mean is preserved under the adjoint with respect to 7. The following is a simple
extension of a finite state case in [WW1].
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Proposition 5.3. If q(dy|x) has mean one for each x € ST and has an invariant
probability m such that m(ST) = 1, then [gyyn(dy) = 1. If, in addition, q(dy|z) is
m—mean reversible, then ¢(dy|z) has an invariant probability # << m such that

dr
%(:v) =z

Moreover, in this case if ™ is a unique invariant probability for q(dy|z), then the
size-bias transform process is ergodic under §(dy|z).

Proof. That [ ym(dy) = 1 follows immediately from invariance and Fubini-Tonelli.
Similarly, the reversibility condition and definition of the adjoint with respect to m
implies that, for a bounded Borel measurable function f,

|| st = [ [ rasatistoea)
(5:) = [ [ f@eq @stiyman)
= / Fylyr(dy) = / f(y)m(dy).
S+ S+

Thus 7 is an invariant probability for ¢(dy|z). Let f be a bounded Borel function
on S and let

n

d f(Xi)ed, AeB

=0

Then there is a Borel subset By of R such that Pz—a.s.,

(5.7) Af = [lim

(5.8) Af =B}, A= (B)N.

Moreover, Pz(Ay U A$) = 1. For 7-a.e. , X1 € By = X,, € By, Vn. Define S =
{z € St : ¢ (Byf|z) = 1p,(2)Vn}. Then #(S) = 1. Now, 9% (y) = y and 7({0}) = 0
and hence m << 7. Therefore, since (7 — §)—a.s. [X, € Bf] = [X,+1 € By| and
(X € B] = [Xy41 € B§], one also has (7 — g)—a.s. [X,, € Bf] = [X;41 € Byl It
follows from this, using the dominated convergence theorem, that

(5.9) (m — q)(BYY) = lim(r — q)[X; € ByVi <n] = n(By).

Now (7 — q)(B}\T) € {0,1} by ergodicity. In particular, m(By) = 1 and hence
7(By) € {0,1} since # << . Since f is arbitrary this proves ergodicity of (7 —¢).O
Proposition 5.4. If ¢(dy|z) is positive recurrent with countable state space, then
EXoo(T) =0 in the case H=1.

Proof. Fix t € T, and initial » € S such that 7({r}) > 0. Let T} denote the kth
hitting time of the state r and let 7, = Ty, — Tx—1,To = 0. By the Strong Markov
property Yy = ;-FiTk71+1(logb X, — 1) is an ii.d. sequence with mean zero (by
Wald’s formula). By the Chung-Fuchs criterion,

(5.10) limsup Y " ¥ > 0.
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It follows that there is an increasing sequence of stopping times {ﬂ};’io which
comprise an F; o— measurable sequence such that b= 7 [[j<7 X; > .5 Vi, as., and

Xﬁ =r Vi a.s. Using Theorem 2.3, one has
(5.11) Ao (T) > .5 X;ij,
j=

where conditionally given T, Ts,..., Mijj =1,2,..., is an i.i.d. sequence (dis-
tributed as a total mass cascade up to the usual initial irregularity associated with
Theorem 2.3). In particular, there is an e > 0 such that P(M7 > €) >0 <«

36 > 0 such that P(Ao(T) > 6) > 0. So if EpAso(T) > 0, then this implies in
(5.11) that under P;, Aoo(T') = 0o, which is a contradiction since t is arbitrary. O

The proposition below provides an alternative representation of the entropy pa-
rameter which is valid under certain “boundedness” conditions. To make the for-
mulation we need a notion of cluster measure for —recurrent Markov processes.
Let A= {A1,..., A} be an arbitrary finite partition of S¥.

Proposition 5.5. There is an a.s. unique closed subset K 4 of

m

Poi={(A\- s Am) €0,1]™ ) N =1}

=1

such that (6, — §)—a.s.

A S 1A () ) = Ko,

Jj=1
where “cl(F)”denotes the set of cluster points of a set F.

Proof. Observe that for KL C P, the event [K contains a cluster point sequence] is a
tail event. Since under )—recurrence the tail is finitely atomic, the Cesaro average
makes this event a zero-one event; see [OR]. For each | = 1,2,... let {J;;}\_; be
a non-overlapping partition of [0, c0) into closed intervals such that Jj;1 refines Jj
for each [ > 1, and | J; separates points of [0, c0). Let

(5.12)

1 n
K= JlJl tai lust int of {(— 1vX‘7-EOO,,
! U{ 1, 1,;8.8. contains a cluster point o {(n; A (XNE 1}

3

and

(5.13) K=K
l

This solves the problem. (I
For an algebra G define

(5.14) Kg=[Kac
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where the intersection is over finite partitions A and
(5.15) Kac={veM"(G):v|lae€al.

Suppose now that ST is bounded. We will call an algebra G of subsets of ST
good if for every € > 0, there is a partition 0 = a9 < a1 < --- < a, such that
an > sup ST, lai_1,a;) N ST € G for each i and |a; — a;_1| < €. If X consists of
the uniform limits of G—simple functions and v € g, then one has the obvious
functional [ fdv defined on X; e.g. see [DUNSCH]. If G is good then X contains a
copy of the continuous functions on the closure of S*. Therefore for every v € Kg
there is a countably additive (regular) probability measure 7 on Borel sets such
that [ fdv = [ fdv for continuous f. Under the boundedness condition on S, if
g is good, then the improper integral [ log,(s)v(ds) can be defined as

(5.16) /logb(s)u(ds) = lim logb(s)l[a,oo)ms+(S)V(ds),

a—0

where a € {a : [a,00) N ST € G} in the range of this limit; let us refer to such a as
good for G. It is not hard to see that under these conditions the improper finitely
additive integral is the same as the countably additive integral [ log,(s)o(ds).

Proposition 5.6. If ST is bounded and if G is a good countable algebra of subsets
of ST, then

H = sup /logl7 zv(dx).
veKg

Proof. Observe first that for any s € ST, r € (0, 1], one has
(5.17) 3([0,7]ls) = / zq(dzls) <.
[0,7]

Let sgp € ST, then by a standard coupling argument (e.g. [LIND]) one may construct
of probability space and stochastic processes {Xn}ffzo, {Un}52, on the probability
space such that
(i) {X,}o2, is distributed as the 6,, — § Markov chain.
(ii) {Un}$2, isii.d. uniform on [0,1].
(iit) U, < Xp, n> 1.
It follows that a.s. for any r € (0, 1]

1O o
(5.18) 0 > liminf — Zlogb XilX; <r] > / logy, (z)A\(dx).
n
i—0 (0,7]
Fix v € Kg and let D, be the random set for which
n—1

(5.19) lim — Y 1[X; € A] =v(4), VA€EQ.

n€D, i=0
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Then for any finite sequence 0 < a; < --- < a,, of good points for G such that
an > sup ST,

m—1
Z logb CLiV([CLifl, CLi) N S+)
=2

n—1

1 -
> limsup — Z log, (X;)

n—oo M

(520) nebDy 7,:10
1, 5 -
> lim inf — Z 1[X; > a1]logy(X;) + / logy () A(dx)
neD, n i=0 [0,a1)
m—1
> Z log, ai—1v([ai-1,a;) N ST) + / logy, () A(d)
i=2 [0,a1)

By squeezing points between a; and a,, one now obtains

n—1

1 -
(5.21) | logy, sv/(ds) — limsup — > " log, (X;)| < / logy (2)A(dx).

l[a1,an) ZQDOS n i=0 [0,a1)
Therefore,

1 n—1 _
(5.22) /logb sv(ds) = lim sup - Z log, (X;) < H.
neDy =0

Thus,

sup /logb sv(ds) < H.
vekg

But there is a random set Dg such that

n—1
1 ~
lim — E 1 X;)=H.
nLoo n Ogb( )

neDg i=0

Further, there is a Dy C Dy such that for every A € G,

n—1
1 ~
(5.23) lim — E 1[X; € A]
neDy i=0

exists. Letting 14 be the element of Kg associated with (5.23), one sees that (5.22)
implies

n—1
1 .
H =1l N Jog, (X)) = [ 1 ds).
13}?13712% ogy(Xi) /Ogb8V1( s)
neDy i=
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Example 5.2 (Null-recurrent with death at H = 1).
Take b = 2,5 = {s,}°2,, with

50 =0, sn=2+l, n=1
n
Define
1 ifi=j=0,
L ifi=1,7=2,
-1 ifi=1,7=0,
(5.24) Gsips; = e ifi>2j=1i+1,
. ifi>2,j=i-1,
s s fi>2,=0

Then g, s; is the transition law of the simple symmetric random walk on the half
line {1,2,...} with reflecting boundary at 1. In particular this motion is null-
recurrent. To obtain H = 1 one may apply the Proposition 5.4 with G the finite-
cofinite algebra of subsets of {1,2,...}, noting that for any finite subset F, the
asymptotic proportion of time spent in F' is 0, and is 1 in F°. Thus,

(5.25) H= /1ogl7 sp(dsn) = hm log, sp, = 1.

Alternatively, one may compute H from (5.1) as well. In any case, suppose that
Xo = $k. Then Q. —a.s.,

n

1 ~ 1 1
(5.26) )\n(T on 1:[ X; > 2—8k8k+1 *Skgn = 7];!)(1 + m) — 00

Thus Aoo(T) = 00, Qx—a.s. and hence Q. is singular with respect to P so that
Aoo(T) = 0, P—a.s. by Theorem 2.2.

Example 5.3 (Null-recurrent with survival at H = 1).

Modify the previous Example 5.3 by taking so = 0, s, = 2(1 — ) n > 1. The
null-recurrence remains but now

n

1 ~ 1 1 k-1
5.27 — |1 Xi<= n:||17_2: 2,
Thus
1 ~ k-1
2 — X; < 2 .
(5.28) En 2ni<n < En (k—l—n) < 00

Let us now consider the divergence of moment problems.
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Theorem 5.7. Let 1 < h < 2. Assume that there exist natural numbers 1 <1 < N
such that

N
M
~l < ~m +
i'(Blr) < Nmzlq (Bly),Vz,y € S*,  BeB.

Assume further that for arbitrary t € T,

A 1 _
Lh_r)réohrrlrisotépﬁlongt(l[%,oo)(St,n)e(h DSty = —o0,
where
1 n—1
St,n = E Z; 10g Wt|i'

Then the rate function I exists,

1
I* (h — 1) = lim — log EPtend)h(St’n)

n—oo n

)

and one has:

(a) If T2 — (h—1) < 0 then EpA"(T) < cc.

() 7f 82D (1~ 1) > 0 then EpA*(T) = cc.

Proof. This is merely an application of Corollary 2.6 under conditions on the
Markov generator to assure a good large deviation rate and Varadahn’s formula.[J

Remark 5.2. The uniformity condition in the previous theorem is clearly satisfied
for the i.i.d. generator and for the finite state Markov generator studied in [WW1].
In general this uniformity is more than enough to insure the uniqueness of an
invariant probability 7, see [DEUST]. While complete results are known for the
divergence of moments in the cases of finite state Markov chains and homogeneous
independent cascades, to bootstrap Corollary 2.5 to higher moments in general is
plausible under enough uniformity conditions on the transition probabilities; see
the proof of Theorem 4.1(iii). So it is natural to conjecture that under sufficient
uniformity, the critical parameter for h. for the divergence of moments is given by

=1 4 50

(529) hc == 1nf{h >1: W

As already noted, this conjecture is known to be valid for finite state Markov
cascades and for general homogeneous independent cascades. This issue is not
pursued any further here.

Theorem 5.8 (Dimension Spectra: Finite State Case). Consider a Markov cascade
having a finite state generator process. Let

St=||RuT

—:

=1

denote the decomposition with respect to ¢(dy|z) into irreducible recurrent classes
R; and transient class T. Let H; denote the event that the process eventually hits
R; for i <m.



A CASCADE DECOMPOSITION THEORY 621
h(i,r) = Ps,—q) (H;).

Define
OF, (i) = h(i, W), vyeT™.

Let D; = [1 — Ez,(logy, W)] V 0 where 7; is the invariant probability on R;. Then
Aoo has a spectral disintegration given by

- AdF(i),00
Ao = >\8 i),00 — / : V(d/@)a
; o , 2. > jip;=p AoF ()00 (T)

:D; =0

where the spectral measure v is absolutely continuous with respect to counting mea-
sure with density v({8}) =3, p. 5 Aor(j),00 (T)-

Proof. This is a straightforward application of Theorem 2.11 and Corollary 2.5.
The details are left to the reader. (]

6. APPLICATIONS TO EXCHANGEABLE CASCADES

Let Prob|0,00) denote the space of probability measures on [0,00), and let
Prob; [0, 00) be the space of probability measures on [0, 00) having mean one. We
assume a deFinneti measure F' on Prob;[0,00) to be given. By an exchangeable
cascade with deFinetti measure F we are referring to the multiplicative cascade
defined by the exchangeable generator process with deFinetti measure F. The fol-
lowing fact is simply a matter of checking permutation invariance and is left to the
reader.

Lemma 6.1. Let {X,} be an exchangeable sequence of random variables with de-
Finetti measure F. Then for each n, given Xo = xo, X1 = x1,...,Xpn = Zn, (condi-
tionally) X1, Xs,... is an exchangeable sequence.

We will denote the conditional deFinetti measure by Fj|;, 4,,....z,- That is,
P(Xn-',-l € Bq,... 7Xn+m S Bm|X0, C ,Xn)

(6.1) ~ [ LI Fix.x, ).
Prob[0,00)

=1

Proposition 6.1. Let m; := fProb[o,oo) wF(du). Then the following are equivalent:
(a) Flj << F.
(b) u << m for F-a.e. p.
(c) F is supported on a strongly o-compact subset of Probl0, 00).
Moreover, in case (a) one has

dFjz o dp

ar W= g @)



622 EDWARD C. WAYMIRE AND STANLEY C. WILLIAMS

Proof. (a) = (b) : For Borel sets A C [0,00), B C [0,00)N one has

L ™) F
Prob[0,00)

:P(XOEAO(Xl,XQ,.. )EB)
1[Xy € A|P((X1,Xa,...) € B|X))]

. / /p o) B)F),(dp)m (dz)
- /A/p b[0 )MN(B)f_Fw(H)F(du)m(d:c)

_ Ay o (dae) N
= oo ] G @ ) )

Therefore for F'—a.e. u,

dF
6.3 ,uA:/ﬁuﬂ' dz).
(6.3) (4) | aF ()1 (d)

(b) = (c) : Define S': LY j(m) — {p: p << m} by S(f) = fdm. Then since S
is continuous from the strong to vague topologies, F o S~! is a Borel measure on
the Polish space L1 ;(m1).

(¢c) = (a) : Let A = UK, F(A) = 1 where each Kj is strongly compact. In
particular, for each j there is a v;j such that y << v,V € K;. Definevy =)
Then p << v4 Vu € A. Then for bounded Borel G(z, u),

Glo, u(de)F(dp) = | [ Gl )22 (@)va(da) P(dr)
/] [ [ ctengt

(6.4) — [ [ 6o g @ Fdva(da).

1
j 27 V5

Letting G(z,pu) = 1, 71 << v4 and Idth(:C)F(du) = ddT’;(x). Thus, continuing
(6.4), and using the fact that 7 is the marginal,

©5) [ [GlamutdoFn -

O

Proposition 6.2. Consider a dependent cascade for which the generator path
process is an exchangeable process with deFinetti measure F such that one has
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F(Prob;[0,00)) = 1. Then under Quo,{W,} is an exchangeable process with

de Finetti measure ' := F o S™1, where S : Prob;[0,00) — Prob|0,00) by
—d‘z(“) (z) = .
m

Proof. Fix an arbitrary t € T. For Borel sets By, ..., By,
Qoo(Wt\O c BO, ey Wﬂn c Bn)
= E[1(Wy € Bo, ..., Wy, € By) H Wil

(6.7) i<n

Prob[0,00) J Bg B, i<n
Now apply the change of variable formula. O
Proposition 6.3. Consider an arbitrary exchangeable cascade with deFinetti

measure F. Let A be a measurable subset of Proby[0,00). Then
F(A) = {F‘IIWQ,...,WV\TL(A) RS T*}

is a weight decomposition, where FHWwym,le is the conditional deFinetti measure
given Wy, ..., Wyp).

Proof. We have

n+1
EP[H Wt‘iF‘||Wt\01--->Wt\n+1 (A)|‘7:"]
=0
(68) = H Wt\iEP[Wt\n-i-lF]|Wt\0;~~~7Wt\n+1 (A)|fn]
1=0

Note that

EP[W”"HFHWMO vvvv Wm+1(A)|fn] - / )xn+1ﬂ‘wt\07"'awt\n+1(A)

)

(6.9)
X qn+1(dTni1]To, - - - 7xn)|10:Wt\07~~~;$n+1:Wt\n+1'

Now we will show the right hand side of (6.9) is a.s. Fjjw,,,...w,,,,(A4), which will
complete the proof in view of (6.8). Let ¢;,0 < i < n, be bounded Borel functions.

(6.10)

/Hgi(wi)/$n+1F||m0,...,xn+1(A)qn+1(d$n+1|£C07 ey Tp)Ppya(dzo, . . ., dy)

i<n

://Hgi(xi)xn—i-l1A(M)F\\zo,,,,,xn+1(dﬂ)pn-i-l(dea---adxn)

i<n
= [ [Tl oo x - x dea) [ nraptinsn) Fldn)
AJ i<
— [ TL 0 s A (. )
i<n

where the last two lines follow from the mean one condition and Bayes theorem,
respectively. This yields the desired result. ]
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Proposition 6.4. Consider an arbitrary exchangeable cascade with deFinetti
measure F. Let A be a measurable subset of Proby[0,00). Then

1 n

b_n HWt|i e {eEMWIOgW—logb cpE A}
i=0

If F(A) is differentiable with respect to F, then

Ppay,s —a.s., lim

n—oo

1 -
b_nHWt\z _ eEquogW logb-

Pyp(uy,e —a.s., lim

n—oo

Proof. The first limit follows directly from Proposition 6.2, the Lebesgue decompo-
sition Theorem 2.2, and Birkhoft’s ergodic theorem. The second limit is computed
in the same way, noting in this case that by Proposition 6.1

dFw
Epyriy. g W = Ep[W—E (1) log W]

— EplW 42 (W) log ¥

//xlogw— Yv(dx)F(dv)

= / xlog zp(dx).
]

Theorem 6.5. Let {Q,} be an arbitrary exchangeable cascade. Then the strong
weights of the T-martingale decomposition are given by F(A) where

A = {p € Prob; [0, c0) : / xlogy xp(dr) < 1}.
[0,00)
The proof requires computations furnished by the following lemmas.
Lemma 6.2. Let A be a measurable subset of Prob|0,00) with F(A) > 0. For

arbitrary t € T, the Pp(a),;— distribution of{Wt“}fil 1s exchangeable with deFinett:
measure mp{—W, where S is defined at Proposition 6.2.

Proof. Let G be an arbitrary bounded o{W;; : i < n}-measurable function. Then,
(6.12)

Epa) G

= Ep[[ [ WyiF\wipo.. Wiy ys (A)GIF(A) !
1=0

HWt‘l/ F‘HWt\m ;Wt\n+1(d:u)G]F(A)71

_1/ /G(:vo, cey ) H:Ciu"H(dxo X - X dxy ) F(dp). O
A

=0
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Now apply the change of variable.
Lemma 6.3. Let S be the transformation defined in Proposition 6.2. Then

FoST!

[[(zo,--yTn) —

-1
F||9007»~,36n oS .

Proof. This will follow from Bayes’ theorem. Let x = (zg,...,2,). Let G be an
arbitrary bounded o{W; : i < n}-measurable function. Also let H be a bounded
measurable function on Probl0, c0). Then,

[ e H:ch 0 57 (du)pn1(dx)
// x)H o S(p) [ [ #i F(dp)pns1(dx)

i<n

/ / x)H o S(p) [ [ zip™ ™" (dx)F(dp)

i<n

// x)H o S(p)S(p)" ' (dx)F (dp)

(6.13)
— [ [ 6t @or o s )
/// p)F o S (dp)e™ T (dx)F o S~ (do)
/ / / ) F o ST (dp) 1:[ 20" (dx) F(do)
_ / / G(x) H:szoS (di)psa (d).
This proves the lemma. (I

Proof of Theorem 6.5. Without loss of generality first assume F(A) > 0. Since

F(Ap('—zqo)silfa.s., p € S71(A), we have [log, zu(dz) < 1. Therefore,

(6.14) nll_}n;o s z:l; log, Wy; —1) <0
and hence
(6.15) limsup /b= [ Wy < 1.
nmee i<n
Thus,
(6.16) Zb ITIWyiF w0, (A) < 00) = 1.

1<j
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Thus F(A) provides the strong weights if it can be shown that Ap(ae) oo(T) = 0
P-a.s. (i.e. Corollary 2.3). Write A° = By U By, By := A° — {uwp}, B1 := {w},
where pp := (1 —b71)8p + b~168,. Now assume that F(By) > 0. Then using Lemma
6.2, the Pp(p,),—distribution of {Wt“}fil is exchangeable with deFinetti measure

mi‘l?ié):)éﬂ. By Lemma 6.3,

1
b_n H Wt“ﬂ\wﬂmmxwﬂnJﬂ (BO)

i<n

1 —
= LI WeiFiwigoneavin s © S7H(S(Bo))

i<n
1 —1
(6.17) == 1:[ Wi o Sjy .., (S(Bo)).
Now,
_ F(dup)
N 1
/’“‘ (F 0 S04 0,0 Wi (9(B0)) = D53
_ F(du)
_ N 1
- / L (S (0 Sk, (SB0) = Dy
_ F(du)
N 1
= FolS S(Bp)) — 1
S EN O S, (S0 = DS
(6.18)
1 N
= F(BO) /B’u (F‘HW,:‘D,...,WJL‘TLJA(B) - 1)F(d:u)a
where
(619) F‘IIWt\Dx~~~7Wt\n+l (B) = E[].B(M”Wt‘o, ceey Wt|n+1]'
In particular, (6.18) is a uniformly integrable martingale and therefore
(620) MN(E‘Wt‘O7,,,)Wt‘n+1(B) - ]-B(:u)) = 17

for F—a.s. p. Since for the random walk limsup > log, (W;;) — 1 = oo if the
W’s are i.i.d. distributed on By by the Chung-Fuchs criterion, one has by the
exchangeability of the Pg(pg,)—distribution of {W};}§2, that (6.20) implies for
arbitrary t € T, P (Bo)—a.s.,

: 1 _ .
(6.21) lim sup 7= LI WaiF o Sim o, (S(A9)) = oo

i<n

This implies Ap(By),00(1) = 00 QF(B,),00—a.8. and therefore A\p(p,),00c(1T) = 0, P-
a.s. by Theorem 2.2. Now it is left to check Ap(p,),00(T) = 0 P-a.s. and hence
F(A°) consists of the weak weights. For each n, Ap(p,)n(T) = anZ, where a,, =
Fip,...p(B1) forn+1b’s and Z, = #{y € T*||y| = n,W,; =b,i=0,...,n}. Since
sup{u({b})|s € Prob,} = b1, and Z, 1 = 37", X;, where X; is binomial with
parameters b, t,+1({b}) for some p,+1 € Proby, it follows that {Z,,} is dominated
by a critical branching process and therefore dies. Thus, AF(BI),OO(T) =0, P-a.s.J
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Corollary 6.1. For any exchangeable cascade with the deFinetti measure F, one
has EXeo(T) > 0 if and only if F(A) > 0, where A is defined in Theorem 6.5. In
fact, EAp(a),00(T) = F(A).

Proof. This follows from Theorem 6.5 and the definition of strong weights. O

Theorem 6.6. For any exchangeable cascade with deFinetti measure F, the spectral
s-weights defined at Theorem 2.8 are given by F(As) for

As :={u € Prob;]0,00) : 1 —/ xlogy xp(dr) < s}.
[0,00)

In particular, the dimensiton spectrum is given by

V([Ov S]) = nILII;O Z b= H W’YUF‘HWW--WWWM(AS)'
§=0

[v|=n

Proof. The proof is made by checking the conditions of Theorem 2.9. That F(A;)
is a weight decomposition follows from Proposition 6.3. Right continuity is obvious
from monotonicity of the deFinetti measure. That s = 1 is the T-martingale
decomposition follows by Theorem 6.5. The conditions (1) and (2) follow from
Corollary 6.1 applied to the percolated cascade, since an inspection of Theorem 2.6
shows the percolated cascade to have an exchangeable generator. Apply Lemmas
6.2 and 6.3 to see the resulting shift in dimension. O

Theorem 6.7. Assume that Fj|, << F. Then the spectral s-weights have a dif-
ferentiable local structure with respect to F'o ¢~ where ¢ : A — (0,1] by ¢(u) =
1 — [ zlogy(z)p(dz).

Proof. For all s,
(6.22) F(A,) = Fog¢ ([0, s]).
Now, by hypothesis, m—a.s., Fj, << F. So F is supported on some subset B of

Prob; and therefore, B is strongly sigma-compact. Thus, P-a.s., for any t € T,
Fw, o, Wa (B) =1 and therefore

(6.23) Fw, o, Wipnr << Fwypo,. Wy, -
It follows that P-a.s. for all v € T,

(6.24) Fw, .. w,,, << F
where |y| = n. Thus, P-a.s. for all v € T*, || = n,

FWt\o,~~~7Wt\n ° (b_l << Fo ¢_1'



628 EDWARD C. WAYMIRE AND STANLEY C. WILLIAMS

Example 6.1 (A Polya Urn Cascade). This is the Example 1.2 described in the
introduction. More formally, let

1 1
(6.26) pp i= po1 + (1 *p)(iéa + 552711), 0<p<L
Define a deFinetti measure by
(6.27) F(A) :=X{p<[0,1] : u, € A}), A € B(Prob; [0, c0)).
Then for ¢ = (co,...,c,) € {1,a,2 — a}", letting #1(c) = card{i <n:¢; = 1}),
in the notation of Theorem 2.6,
(6.28) an(c) = /MZ“({C}))\(dp) = B(#1(c) + 1,n+2 — #1(c))2 " H#1©),
where B(z,y) is the Beta function. In particular one may check that

(6-29) F||c(A) = 5#1(c)+1,n+2—#1(c)({2? tpp € A}%

where 34, ,q, is the Beta-probability distribution with parameters oy, as. In partic-
ular it follows that (cf. Prop. 6.1),

d/‘FHc p#l(c)(l _ p)n-i-l—#l(c)

(6.30) Rle<<F ) = goa@+inr2—#i0)

Lemma 6.4. For F-a.e. pp,

AoF (i) (T) = NoF(uy),00(T) in L.

Moreover, dim Ay >1—h(a)(1 —p), where

Hp),00

h(a) = %[a logy a+ (2 — a)log,(2 — a)).

Proof. We will show that Agp(,,)n(T) is a strong weight of the T-martingale de-
composition to get Pyp(,, ¢ (> p—g = 1<, WijOFn(pp) < 00) = 1. Note that for

#(1=p)"T1=#D(n n nd+1—
0<p<1,0F(m) = e = ("4 )p* (1=p)" 1~ # x (n+2) < n+2.

Secondly, %/ % [Lic,, Weji — eFupWlog W—log2 9 Pyr(u,),t — a.s. Thus,

=1
PBF(;LP),t(Z 2—n H Wt|j6Ft|n(Np) < OO) =1.

n=0 Jj<n

The L'—convergence follows by Corollary 2.3. Now, for p € [0, 1], noting by Theo-
rem 2.6 that the percolated cascade Q(®) )y F(up),00 Nas an exchangeable generator

with deFinetti measure F(®) = F o 7.1, one has that Q(O‘)Aap(%)m is distributed
pp)soo- ot By WlogW —1 < 0, then as above, 8Ft(|fl)(up) <m+2
and Pyp ()¢ — @-S. ,"/2%1_[1(" Wy — elog2(a+EpWlog, W—1) anq  therefore,

AgF(e) (uy),00 1Ves (a,p > 0.) Thus, P-as., Aae. p € [0,1], if Apoc(T) > 0
then dim A\pp oo > 1 — (1 —p)h(a). O

The following result now follows from the general theory (Corollary 2.5) and a
change of variables.

as )\6F(a)(
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Proposition 6.8. The Polya urn cascade has a T-martingale decomposition with
an absolutely continuous dimension spectra v << A and given by

dv 1
)= ) L)1) (S)ABF(“H;(;;) )00 (1)

In addition,
AoF(u, pot)oe

pp = )
>\8F(u1+%),00(T)

and pg is unidimensional of dimension (3.

One may obtain the following polynomials as the “best”least squares approxi-
mations to the spectral density. The interested reader may wish to compare this
prediction to Monte Carlo urn simulations. For 1 — h(a) < s < 1,

dv
UABIEAI
2 n nt+l—#1 1
(6.31) _ 2nZ+n+l Z Z w L H1, #a) ( a)n+1#1#a<n7;r1 )
#1=0 +#a=0

x (h(a) + s — 1)#1@) (1 — g)n+i=#1lw)

where Hy(w,i,j) = card{y : |y| = n, #{k : wy, = 1} = i, #{k : wy ), = a} = j}.

We conclude this section with an analysis of the moment problem for exchange-
able cascades. The following example serves to illustrate the delicacy of the moment
problem in this setting.

Example 6.2. Let p be an arbitrary probability measure on (0,1) and consider
the exchangeable cascade with deFinetti measure defined by

(6.32) Fe / (b6 + (1 = b~)80)p(dar).
(0,1)

Let

(633) A= {b‘“éba + (1 — b_a)(SQ 0<a< 1}

Then F(A) =1, and [ 2"u(dz) < b"~! for all h > 1. However choosing p such that

1
6.34 / ———p(da) = 0
(6.34) TP
one gets
(6.35) EX2,(T) = <.

To see this simply note that given a, A, (T) is distributed as (1= Z, (a) where
{Z.(«)} is a supercritical Galton-Watson branching process with binomial offspring
distribution. Using Theorem 8.1 from [HAR, p.13], the equation (6.35) then follows.
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Theorem 6.7. For any exchangeable cascade with deFinetti measure F),
1+e€ b— 1
sup Ep A, (T) < (—— —dF °o x5 (7),

where

o) o= L),

Proof. Fix t € T. Using Theorem 2.3,

EPF(A)t[)‘6 Zb 3 HWt|’LFt|] HWt\th\n)

i<j i<n

(6.36) < b*ﬁH i Fs-
Jj=0 1<y

Now take expectations to get

Ep g4 n(T)]
EPF(A)tP‘;‘(A) (1]

i | S el
7=0

_ —Je plte )17
—/A;b [« utdo) P

be
Now make a change of variables.

Corollary 6.2. For0<6<1,0<h <1, let
As = {p € Prob[0,00) : /xh,u(dz) < b1y,

If F(Asp) = 1, then sup,, EA(T) < oc.
Proof. Observe that

1+e d
(6.38) Y= Xite(p) = [z beﬂ 2y
implies that
1 1
6.39 —_ < —
( ) 11—y 7 1-96

Therefore, by the martingale convergence theorem, A, (T") converges a.s.
L'*¢ and therefore in L!.

and in
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